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ABSTRACT
This dissertation assesses the influence of the three types of social capital (bonding, bridging,
and linking) on the risk attitude of traditional undergraduate students (under 25 years old who
enroll directly from high school, attend full-time, and do not have major life and work
responsibilities). The research is motivated by three research questions: (1) What is the risk
attitude of traditional undergraduate students surveyed about COVID-19 (addicted, seeking,
tolerant, averse, paranoid); (2) What are the social capital characteristics for traditional
undergraduate respondents surveyed; and (3) What influence does social capital have on the risk
attitude of traditional undergraduate students regarding COVID-19? To examine these questions,
the study engaged an online survey with five universities in the Pennsylvania State System of
Higher Education and utilized chi-square tests and Spearman’s rho correlations to assess the risk
attitude/social capital relationship. Data showed that students with a high level of bonding and
linking were more risk-averse while those with a high level of bridging were more riskseeking/addicted. The study shows how emergency managers and risk communicators should
develop their relationships with students and their networks to further engage them with disaster
information or education informed by these insights.
Keywords: risk attitude, social capital, college students, pandemic, protective behavior,
Western Pennsylvania
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I- Introduction
1.1 Overview
Over the past decade, at universities nationwide, there has been a significant
increase in the enrollment of traditional undergraduate students defined by the National Center
for Education Statistics (2021) as those who enroll directly from high school, are attending
college full time, under 25 years old and have no significant life or work responsibilities. As of
the fall 2018 semester, enrollment at the undergraduate level was over 16.6 million students.
(NCES Report, 2020), which was a 26 percent increase from enrollment levels in 2000. The
growth in undergraduate programs and college towns leads to the need for emergency
management planning and programs to foster a culture of preparedness within college towns in
anticipation of future disasters. The Brookings Institution found that college towns have seen a
drastic difference in resources needed than comparable jurisdictions that are not home to higher
education institutions (Austin, 2017). A college campus serves as a hub for student livelihood
(classes, social engagements, sports, etc.) and is home to numerous activities throughout the
school year. Safety, security, and preparedness for disaster are beginning to take center stage on
college campuses in this era of extreme disasters, including the COVID-19 pandemic. How best
to engage students regarding these topics has become a paramount concern for both school
administrators and emergency management professionals.
Two concepts needing further study regarding traditional undergraduates and disaster
preparedness are risk attitude and social capital. Risk attitude is a chosen state of mind
concerning uncertainties that could positively or negatively affect the individual (Luo & Lam,
2020; Lutter et al., 2019). Social capital is a resource available to individuals in the form of
instrumental, informational, appraisal, and emotional, social support (Bourdieu & Passeron,
1

1990; Coleman, 1988; Putnam, 1995). Traditional undergraduates have a social network that
spreads across their family and friends from their hometown, those they meet through school or
work, and others within the community. This study explores the influence that social capital
plays on traditional undergraduate risk attitudes. Expanding on this understanding regarding how
the capital gained from students' social networks impacts their attitude towards disasters will
help emergency managers in college towns serve their communities better and help college
campuses be more disaster aware and prepared.
The organization of the chapter is as follows: Section 1.2 describes the problem
statement; Section 1.3 presents the purpose of the study and the research objectives; Section 1.4
discusses the relevance and importance of the topic of study.
1.2 Problem Statement
While past research has considered the involvement of risk attitude in the decisionmaking process of students during disasters (Ding et al., 2020; Kelly & Columbus, 2020; Luo &
Lam, 2020; Mitchell et al., 2014; Ramsey & Marczinski, 2011), the extent to which each type of
social capital influences this risk attitude variable is not known. With the current impact of
COVID-19 on the global population, it is vital to understand how social groups such as
university staff, familial connections, and the government influence the risk attitude of students.
The influence from each type of social capital onto an individual's risk attitude impacts
participation in protective action and preparedness for disasters. Being knowledgeable about the
entire population living within the community allows for emergency managers to have more
comprehensive planning and education capabilities. Past research has indicated the influence of
overall social capital on risk attitude and participation in protective behaviors during disasters
2

(Ding et al., 2020; Erfani et al., 2020; Iorfa et al., 2020; Kaljee & Chen, 2011; Mou & Lin, 2017)
which calls for a better understanding of how the different levels of students' social networks and
capital influence risk attitude.
Each generation within the community has different ideas, perspectives, and ways of
thinking, giving them a unique outlook on life. Traditional undergraduates are in the process of
developing their attitude toward risk, amongst other things, as they mature. Learning the best
way to intervene with accurate information and providing lessons to understand the
consequences of failing to take protective action or prepare for disasters is valuable for the
emergency management community. Assessing the impact of each aspect of the student's social
network provides an advantage to the emergency management community when providing
meaningful education that substantially impacts the community. Knowing this will help target
education about disaster events and how community members can protect themselves, take
protective actions, and prepare.
1.3 Purpose of Study
The purpose of this study was to focus on understanding the risk attitude of traditional
undergraduate students and how it is influenced by the types of social capital. The current study
sought to investigate 1) what the risk attitude of traditional undergraduates was pertaining to
COVID-19; 2) what the overall social capital was for traditional undergraduates; and 3) the
influence that each type of social capital had on risk attitude pertaining to COVID-19. This was
done through an online survey to students at five Western Pennsylvania universities in Spring
2021. This information provides valuable information to emergency management as influencing
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the development of risk attitude early in a person’s life will enhance future preparedness and risk
reduction efforts within the community.
1.4 Relevance and Importance
The sprawling impacts that COVID-19 has had on the global society contribute to a need
for more preparedness within communities in anticipation of future disasters. Attitudes toward
risk influence whether individuals will embrace protective action recommendations and invest
time and resources to prepare. Therefore, understanding how risk attitude is developed and
influenced (by things like social capital) is critical to translating awareness and information to
action.
1.4.2 The Pandemic Context
On February 11, 2020, the World Health Organization (WHO) announced an official
name for the 2019 novel coronavirus outbreak, first identified in Wuhan, China (World Health
Organization, n.d.). The disease was named the coronavirus disease 2019 (hereafter COVID-19),
and the specific name of the viral agent is the severe acute respiratory syndrome coronavirus 2
(SARS-CoV-2) (World Health Organization, n.d.). The disease was declared a global pandemic
on March 11, 2020 (Cucinotta & Vanelli, 2020). COVID-19 is an airborne illness with
symptoms ranging from mild (or no symptoms) symptoms to severe illness and death. At the
time of this writing, there have been approximately 260 million cases globally, contributing to
over 5.18 million deaths (CDC, 2021). The United States leads the world in both cases and
deaths, contributing to over 48.1 million cases and over 777,000 deaths, respectively, as of
November 26, 2021 (CDC, 2021).

4

1.5 Summary
This study explored risk attitude concerning COVID-19 and how social capital influenced
it. Knowing how social capital influences risk attitude among traditional undergraduates provides
the opportunity for targeting preparedness education and activities for emergency management
agencies within college towns across the country. This knowledge helps to deepen the
preparedness culture of these populations and provides opportunities to nurture the relationship
between emergency management with the community.
Chapter 2 presents the research questions and provides a comprehensive literature review
of the relevant research relating to this study. Chapter 3 encompasses the methodology for the
research, such as the methods for data collection, hypotheses, and the ethical considerations for
the research. Chapter 4 shares the results of this study, and Chapter 5 concludes with a discussion
of the findings and recommendations for future research.

5

II- Literature Review
Management of the COVID-19 pandemic and its spread has relied on public compliance
with recommended protective action measures such as frequent hand washing, mask-wearing,
and social distancing. Young adults are a population of concern because they generally have less
risk experience than those who are older and possibly have limited access to reliable information,
so the risk attitude of this population is an important area to explore. Social capital is essential
for its potential influence on the development of risk attitude and protective action behavior. This
chapter examines the literature for both risk attitude and social capital and the nexus between
them. The organization of this chapter focuses on risk attitude in Section 2.1, social capital in
Section 2.2, the intersection of risk attitude and social capital in Section 2.3, research questions
in Section 2.4, and conclusion in Section 2.5.
2.1 Risk Attitude
Risk attitude is a critical factor in the decision making in the chosen response(s) to
situations of uncertainty (Dixit et al., 2012; Hillson & Murray-Webster, 2007; Rosen, 2004;
Lutter et al., 2019). To construct effective disaster management and harm reduction, risk
communication and public education programs should consider individual decision-making
within the disaster, so understanding risk attitude is essential. Risk attitude is a component of an
individual's behavior that can have consequences for themselves and the community around
them (Moshood et al., 2020). The consequences of behavior can range from simple to complex
or positive to negative. An example of a positive consequence stemming from precautionary
behavior during COVID-19 is not contracting the virus. Past research into risk attitude has
established the connection between survey measures on risk attitude and actual precautionary
6

behavior being taken part in by the individual (Carter & Bao, 2005; Dohmen et al., 2011; Iorfa et
al., 2020; Vartti et al., 2009; Wise et al., 2020).
During the COVID-19 pandemic, the behavior of individuals within the community has
played a role in keeping the outbreak under control or seeing the outbreak escalate. Additionally,
this precautionary behavior plays a part in a community's overall capability of disaster
management because it helps the community to manage the outbreak of diseases and the
recovery from the circumstances of the disaster (Iorfa et al., 2020; Luo & Lam, 2020; ShinanAltman & Levkovich, 2020). Precautionary behavior can vary from mask-wearing and social
distancing during a pandemic to evacuating and disaster preparedness. Complete risk avoidance
might be possible when different scenarios occur, but this option is not always likely (Pikkemaat
& Weiermair, 1998). Risk attitude is the mindset that an individual has regarding this scenario of
risk. Attitude is affected by personality, emotions, and cognitive factors (Aren & Hamamci,
2020). Through surveying individuals regarding specific scenarios, Dohmen (2005) found that
risk attitude is not a behavioral trait but fluctuates based on context. Risk perception is a crucial
driver towards an individual's risk attitude, and information knowledge should be considered
when assessing risk (Fadun & Hood, 2016; Hillson & Murray-Webster, 2007).
Weber discusses that risk perception is the "perception of the risk entailed by each risky
behavior" (p. 268), while risk-taking attitude is peoples' likelihood of involvement in risky
behavior. Blais and Weber (2006) discussed that risk attitude is the willingness to engage in risky
behavior and directly connects to overall behavior.
Regarding COVID-19, risk attitude contributes to an individual's response to the
pandemic, ranging from frequent hand washing to social distancing. Government officials
7

recommended many of these behaviors, such as the mask mandate enacted in many states
throughout the country. Identifying and understanding the decision-making process leading to
individual behavior is vital for the emergency management community to have data-based
decision-making and programs.
The following section will discuss what risk attitude is and its connection to behavior
during disasters.
2.1.1 Defining Risk Attitude
Ajzen defined attitude as "an individual's disposition to respond favorably or unfavorably
to an object, person, institution, or event, or to any other discriminable aspect of the individual's
world" (1989). Past research has established the connection between attitude and overall
behavior (Fazio & Zanna, 1981; Snyder, 1982; Warner & DeFleur, 1969) with the influence of
other variables. These variables could be an individual's social network, individual personality,
circumstances of the event, or the nature of the individual attitude (Sherman & Fazio, 1983;
Ajzen, 1987). These variables can influence the positive or negative attitude that a person has
about events that they encounter.
"Risk attitude is a construct that describes decision making over quantifiable outcomes
under conditions of uncertainty" (Rosen et al., p. 511, 2004). While many attitudes that
individuals adopt over time tend to become habitual, individuals have the freedom to choose a
different state of risk attitude for different scenarios (Hillson & Murray-Webster, 2007). The
modeling of risk attitude was widely studied in the past in economic theory research; however, it
is also relevant to precautionary behavior in association with disasters and public health
emergencies (Dixit et al., 2012; Rosen, 2004).
8

Past research has established that individual decision-makers can be risk-seeking and risk-averse
in different scenarios, implying that risk attitude is context-specific (MacCrimmon & Wehrung,
1990; March & Shapira, 1992; Payne et al., 1980; Schoemaker, 1990; Shapira, 1995; Slovic,
1974). Risk attitude is defined by Hillson and Murray-Webster (2007) as "a chosen response to
an uncertainty that matters, influenced by perception" (p. 25). This definition was chosen for the
study because it illustrates the thought process that an individual goes through when faced with
an instance of risk.
One stance of past literature about risk attitude includes a framework informed by
Expected Utility Theory (Pennings & Garcia, 2001), a significant model for studying risk
attitude. Expected Utility Theory says that a person will establish their risk attitude based on past
outcomes of disasters and becomes a pattern based on what is expected from the hazard (Dyer &
Sarin, 1982; Pennings & Garcia, 2001). The Expected Utility Theory establishes that risk attitude
is a static personality trait that does not consider the changing factors associated with disasters.
However, different methods of measurement of risk attitude have resulted in different
classifications for risk attitude, which is discussed in Section 2.1.2. Alternatively, Dyers and
Sarin (1982) established a Relative Risk Attitude which separates past experiences from events
of uncertainty and bases an individual's analysis solely on the uncertainty of risk. Relative Risk
Attitude establishes risk attitude as a static personality trait, like Expected Utility Theory.
Both methods (Expected Utility Theory and Relative Risk Attitude) to define and
measure risk attitude do not consider risk perception. Risk perception was established as a
driving influencer of risk attitude (Alaszewski & Potter, 2006; Fadun & Hood, 2016; Kaye,
2009; Luo & Lam, 2020). As discussed, an individual's attitude is context-specific based on the
9

evaluation of the event they face. "The differences in risk taking behavior between persons and
even for an individual regarding a risk in different context, do not always reflect differences in
risk attitude but might be influenced by a difference in risk perception" (Winsen et al., p. 6,
2011). Underwood and Ingram (2010) discuss the classification of risk attitude, which has been
expanded into a spectrum to reflect the diverse attitudes that can reflect an individual. This
approach will be further discussed in Section 2.1.2.
The sequential combination of boxes shown in Figure 1 displays the progression from an
individual's attitude to the consequences they face as defined through past research (Azjen, 1989;
Hillson & Murray-Webster, 2007; Warner & DeFleur, 1969; Snyder, 1982). After risk attitude is
established, this is displayed as behavior by an individual, which causes there to be positive or
negative consequences. Optimal behavior, or lack of optimal behavior, demonstrates an
individual's risk attitude. This sequence portrays the stance that an individual has towards taking
or avoiding risk when faced with situations of risk (Rohrmann, 2005; Rosen et al., 2003).

10

Figure 2.1
Risk Attitude Sequence

Note: Figure 2.1 shows the risk attitude sequence by Warner & DeFleur (1969).

Attitudes are associated with everyday behavior, as well as infrequent scenarios like
disasters. The risk attitude sequence in Figure 1 is scalable, allowing it to be applied to big and
small scenarios. The process of the risk attitude sequence is attitude, behavior, and
consequences. Attitude is an individual processing a scenario with which they are presented and
assessing the risk, influenced by their perception. The attitude then leads to behavior, such as
someone risk-averse remaining isolated during the COVID-19 pandemic. The final step of the
sequence is consequences, such as the individual who was isolated during a pandemic not
contracting COVID-19. The behavior that an individual takes part in is tied to risk attitude and
exemplifies the stance they take on risk (Hillson & Murray-Webster, 2007; Rohrmann, 2005;
Rosen et al., 2003; van Winsen et al., 2014). "Risk-taking attitudes and behaviors are important
elements of human behavior as they determine a range of decision-making strategies and
11

contribute to people's ability to navigate a complex, uncertain, and dangerous world, where risk
looms large" (Chan et al., 2020).
"The central features of modern global society, i.e., globalization and urbanization, make
us more vulnerable to the challenge of pandemic diseases; and their global implications can
trigger large-scale responses" (Chan et al., p.1, 2020). With the continual recurrence of disasters
and public health emergencies throughout the globe, further understanding the decision-making
process of individuals within the community is imperative for the emergency management
community. A disaster is "a serious disruption of the functioning of a community or a society
involving widespread human, material, economic or environmental losses and impacts, which
exceeds the ability of the affected community or society to cope using its own resources" (United
Nations International Strategy for Disaster Reduction, 2020). Disasters pose a risk to
communities and individuals alike because of the varying degree of uncertainty attributed to the
event. An example of the risk attitude-driven precautionary behavior associated with disasters is
evacuation. The evacuation decision of where or when to evacuate is a decision made in response
to risk. Deciding to evacuate in response to a disaster such as a wildfire is driven by the risk
attitude sequence shown in Figure 1 (Toledo et al., 2018). The risk of being harmed by the
wildfire is the primary motivation for evacuating or not evacuating. For the COVID-19
pandemic, risk attitude drives precautionary behavior such as wearing a mask, social distancing,
and self-isolating (Xu & Cheng, 2021). As discussed, attitude is closely tied to behavior,
emphasizing the importance of understanding the construct better for the emergency
management community. Since it has been established that risk attitude is context-specific, the
behavior stemming from the attitude will have the potential to vary amongst hazard scenarios
12

(Slovic 1974; Ajzen, 1978; Payne et al. 1980; MacCrimmon & Wehrung, 1990; Schoemaker
1990; March & Shapira 1992; Shapira 1995; Payne 1997). The nexus of risk attitude and
disasters is centered on the resulting behavior and consequences. In terms of disaster
management, individuals' consequences in response to their decisions can impact the community.
An example of where this is experienced is with evacuation decisions in response to a hurricane.
Those who do not evacuate may require additional services from the community, such as search
and rescue or other public safety resources (Dixit et al., 2012; Toledo et al., 2018).
2.1.2 Risk Attitude Spectrum
The risk attitude spectrum depicts individuals who process an uncertain situation and
formulate a positive/comfortable or negative/uncomfortable attitude about the scenario (Filmina,
2020; Hillson & Murray-Webster, 2006; Underwood & Ingram, 2010). These classifications
capture the range of risk attitudes present on the spectrum, which provides the basis for this
dissertation. Each of these five risk attitude classifications represents different parts of the risk
attitude spectrum shown in Figure 2.2, representing the attitude that an individual has when faced
with a situation of uncertainty. The risk attitude spectrum has historically been utilized in
scenarios regarding investing (Aderibigbe et al., 2019; Sun et al., 2020; Weber et al., 2002).
However, this spectrum also encapsulates the range of attitudes that can take place regarding a
disaster, stemming from perspective and emotion, which provides an appropriate framework for
this study.
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Figure 2.2
Risk Attitude Spectrum

Note: Figure 2.1 shows the risk attitude spectrum by Hillson & Murray-Webster (2007).

The risk attitude spectrum has a line with two curves. The bottom half of the curve
represents individuals who are uncomfortable with the risk of uncertain situations. The top half
of the line represents people that are more comfortable with risk. The spectrum is divided into
five categories based on the individual's comfort or discomfort levels, from risk paranoid to risk
addicted.
Risk paranoid and risk-averse fall on the discomfort level of the risk attitude spectrum.
Those who fall onto this end of the spectrum have an intense discomfort and low tolerance for
risk. People risk paranoid or risk-averse think more "inside of the box" and stay within their
comfort zone. These individuals are likely to be more practical, utilize proven ways of doing
14

things, and are "black and white" in their reasoning. In situations of uncertainty, these
individuals will be more likely to overreact to threats and underreact to opportunities. Individuals
with a risk-neutral attitude do not fall into either of the other categories. Those in this area of the
spectrum have been found to take part in short-term behavior in response to scenarios of
uncertainty (Veridiano de Castro & Dagamac, 2019). These individuals have a strategic mindset
about risk and see it as a price paid for future advantages. Lastly, risk-seeking and risk-addicted
individuals find the most thrill in uncertain scenarios. A variety of studies have found that those
falling on the risk spectrum as risk addicted or seeking are more likely to take chances or risks
when faced with scenarios of uncertainty (Franken et al., 2012; Vail-Smith & Felts, 1993; Yang,
2015). This connection between categorization based on the risk attitude spectrum and behavior
is substantial because it shows the process of the risk attitude sequence established by Hillson
and Murray-Webster (2007).
Two individuals presented with an identical scenario, where the outcome is uncertain,
have the potential to fall on opposite ends of the risk attitude spectrum depending on how they
perceive the risk presented to each of them. Additionally, a single individual may fall on multiple
areas of the spectrum depending on the given event/scenario. In scenarios about economics, risk
attitude typically falls within a small spectrum (consisting of risk pursuit, risk neutrality, and risk
aversion). However, in sociological or psychological scenarios, the risk attitude spectrum has
been expanded to account for these types of situations (Lin et al., 2020; Underwood & Ingram,
2010). Individuals have mixed responses to different psychological and sociological scenarios,
which necessitates the need for expansion.
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The inability to predict the exact circumstances of future disasters requires the emergency
management community to assess various aspects of the community, such as behavior, attitude,
and perception (Chan et al., 2020; Urata & Hato, 2012). The measurement of individual risk
attitude based on the risk attitude spectrum demonstrates a person's response to the risk
associated with disasters. Individuals that are comfortable with risk (i.e., risk addicted, riskseeking) will be less likely to take part in precautionary behavior such as disaster evacuations
and mask-wearing. Those who have discomfort with risk (i.e., risk-averse, risk paranoid) will be
more likely to participate in precautionary behavior such as social distancing or disaster
preparedness behavior.
Past research on risk attitude and the spectrum have tied categorization on the risk attitude
spectrum with behavior regarding disaster-related events such as getting an H1N1 vaccine
(Ramsey & Marczinski, 2011), evacuation during the wildfires (McCaffrey et al., 2018; Toledo
et al., 2018), and isolation during COVID-19 in China (Chan et al., 2020; Wang et al., 2020).
Risk attitude is influenced by a variety of factors such as the influence of culture (Gomes &
Sundarraj, 2019; Veridiano de Castro & Dagamac, 2019), knowledge of an event (Rohrmann,
2008; Rosen et al., 2003; Roy et al., 2020; Van et al., 2010), and demographics (Falk, 2018;
Gage, 2018; Erfani et al., 2020; Iorfa et al., 2020; Rosen et al., 2003; Vartti et al. 2009) on risk
attitude which is discussed in the next section.
2.1.3 Factors Influencing Risk Attitude
Factors that influence risk attitude are essential for the emergency management community to
anticipate how they drive precautionary behavior for disasters. While many factors can influence
risk attitude, the focus will be on knowledge, demographics, and geographic location.
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Demographics and geographic location. Past research has established that
demographics and geographic location influence individual risk attitude (Falk, 2018; Gage,
2018; Erfani et al., 2020; Iorfa et al., 2020; Rosen et al., 2003; Vartti et al., 2009). When
studying the influence of gender, data has shown that males tended to be more risk-seeking or
addicted on the spectrum while females were more risk-averse (Falk, 2018; Franken et al., 2012;
Lee & Blais, 2014; Miller & Schafer, 1999; Rosen et al., 2003; Shinan-Altman & Levkovich,
2020). Older people tend to be more risk-averse than young people (Bonsang & Dohmen, 2015;
Lee & Blais, 2014; Shinan-Altman & Levkovich, 2020).
Education and marital status. There is disagreement regarding the influence of
education and its association with risk attitude (Rosen et al., 2003; Stigglebout et al., 1994).
Education is an influencing factor of risk attitude when paired with another demographic, such as
race. For instance, past research found that white people with low education were increasingly
risk-averse when making healthcare decisions (Rosen et al., 2003). Marital status has been
assessed regarding financial risk and acts as a co-factor of influence, similar to race. Whether
male or female, married individuals are increasingly more risk-averse than their unmarried
counterparts (Yao & Hanna, 2005). These factors of influence, similar to demographics, have
been consistent amongst past research studies.
Knowledge of the event. Past research has found interesting data on the influence of
knowledge on risk attitude. Knowledge is the awareness of the circumstances surrounding an
event or hazard impacting a community (Roy et al., 2020). Knowledge can derive from
information being passed between social relationships and can influence an individual in many
ways during a disaster, from notifying when a resource distribution site is opening after a disaster
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to learning what time a vaccine clinic is operating—essentially, having more information and
awareness about the risk that an individual encounter provides individuals with a better
understanding of the scenario. Past studies have consistently found knowledge about events
driving risk aversion (Rosen et al., 2003; Rohrmann, 2008; Roy et al., 2020; Van et al., 2010).
Identifying and studying the factors that influence risk attitude provides necessary information
for the emergency management community to understand the construct. Studying what
influences risk attitude is done through measurement, which is discussed in Section 2.1.4.
Testing a variety of factors that may influence the construct provides for a comprehensive
understanding of risk attitude.
2.1.4 Measuring Risk Attitude
Self-reported and opinion-based measures of risk attitude using surveys provide insight
into participants' evaluation process about risk (Carter & Bao, 2005; Dohmen et al., 2011; Iorfa
et al., 2020; Vartti et al., 2009; Wise et al., 2020). Being that an individual's attitude towards risk
can change for different scenarios (Payne et al., 1980; MacCrimmon & Wehrung, 1990; March
& Shapira, 1992; Schoemaker, 1990; Shapira, 1995; Slovic, 1974), measuring survey responses
for specific circumstances versus generalized concepts enables a more comprehensive analysis of
risk attitude. As individuals gain information related to a scenario, they process what the
circumstances are and can be classified on the risk attitude spectrum, which will then be
displayed as behavior as shown through the risk attitude sequence (Azjen, 1989; Hillson &
Murray-Webster, 2007; Snyder, 1982; Warner & DeFleur, 1969). Risk perception is a crucial
driver of risk attitude (Fadun & Hood, 2016), which is an individual's judgment of the negative
consequences of risk.
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Perception can be influenced by knowledge from the media or within the community
(Paek & Hove, 2017). As previously discussed, an individual can have a different risk attitude
depending on the context of the uncertain scenario they are facing. This risk attitude change
would cause their position on the risk attitude spectrum to change, depending on the scenario,
and necessitate survey participants to be questioned on specific scenarios better to understand
contextualized risk attitudes (Bauer, 1960).
Past studies have relied on the self-reported response to survey questions based on
alignment with the behavior towards uncertainty scenarios as an indicator of risk attitude (Iorfa
et al., 2020; Vartti et al., 2009; Wise et al., 2020). Collecting data on the individual precautionary
behavior is indicative of the risk attitude as the two constructs have a direct relationship (Azjen,
1989; Rohrmann, 2005; Rosen et al., 2003). Much past research has measured risk attitude based
on an established scale to itemize the risk attitude spectrum based on the self-reported survey
selections (Erfani et al., 2020; Iorfa et al., 2020; Mandrik & Bao, 2005; Vartti et al., 2009).
Measuring risk attitude based on a scale allows the survey data to be analyzed and connected to
the risk attitude spectrum.
Alternative methods for measuring risk attitudes that have been utilized in past research
are the choice list procedure, ranking procedure, and allocation procedure. The choice list
procedure is utilized by presenting participants with a table of scenarios ranging from risk-averse
to risk addicted. The participant moves through the table electing behavior, and their placement
on the risk attitude spectrum is measured based on their selections within the options (Loomes,
2014). One of the earliest utilization of the choice list procedure was by Cohen et al. (1987), who
presented participants with a lottery scenario of having a 0.25 chance of receiving 1,000 French
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Francs. Participants were given different options for percentages of the FF, and their placement
on the risk attitude spectrum is based on their selections within the lottery scenario. Tversky and
Kahneman utilized a similar scenario in two stages, with the "first stage offering seven widely
spaced sure amounts against a given lottery and the second stage offering more finely gradated
sums in the region where the first-stage switch had occurred" (Cohen et al., p. 573, 1987). The
ranking procedure method of measurement utilized by Binswanger (1980) and Eckel and
Grossman (2002) presents the participant with a set of risk scenarios aligned with consequences.
The participant ranks their preference of scenario/consequence, and the risk attitude is measured
based on their preference listing. The allocation procedure is used primarily for economic risk
presenting an individual with a budget and requires them to distribute it between different
services or claims (Loomes, 1991). An example of a scenario that this would be utilized in would
be insurance. Each of these three methods has been utilized in past studies; however, neither of
them allows for the assumption that risk attitude is context-specific which has been established,
particularly in emergency management (Erfank et al., 2020; Mandrik, 2005; Weber et al., 2002).
When risk attitude is tested across all three methods, consistency is rarely found amongst the
data (Loomes & Pogrebna, 2014).
Alternatively, utilizing survey questions allows for the inclusion of context-specific
information to be incorporated into the study. Behavior choice directly connects to risk attitude,
which provides for the necessity to consider the context to conduct an efficient research study
(Fazio & Zanna, 1981; Snyder, 1982; Warner & DeFleur, 1969). Past research on precautionary
behavior during COVID-19 and the SARS outbreak found that answers to a survey were directly
connected to precautionary behavior (Erfani et al., 2020; Iorfa et al., 2020; Vartti et al., 2009),
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which aligned with past studies and further validates utilizing surveys to measure risk attitude.
These studies were consistent with past findings of a connection between behavior and
identification on the risk attitude spectrum (Fazio & Zanna, 1981; Dohmen, 2005; Dohmen et al.,
2011; Moshood et al., 2020; Snyder, 1982; Warner & DeFleur, 1969).
Multiple methods within past studies have driven the measurement of risk attitude in
research. These are the choice list procedure (Loomes, 2014), ranking procedure (Binswanger,
1980), allocation procedure (Loomes, 1991), and surveying (Vartti et al., 2009). As discussed,
there are merits to these; however, the utilization of surveying has shown a direct connection to
precautionary behavior (Carter & Bao, 2005; Dohmen et al., 2011; Iorfa et al., 2020; Vartti et al.,
2009; Wise et al., 2020). Additionally, because consistency is lacking amongst the choice list,
ranking, and allocation procedures, this study's survey measurement was chosen to provide a
cohesive approach to evaluation.
2.2 Social Capital
Social capital is formed by the existence of daily individual social connections that are
present across society. People are embedded within the community and can utilize the social
networks they form to help attain their goals, so their social networks can be treated as 'capital'
within their lives (Lancee, 2012). The construct has been linked to solutions for social problems
such as urban poverty and crime, economic underdevelopment, and inefficient government
(Aldrich et al., 2012; Boix & Posner, 1998; Kwon & Adler, 2002). Social capital contributes to
the community with a contribution of resources that helps it to operate more efficiently, such as
cooperation or support (Styhre, 2008).
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2.2.1 Defining Social Capital
The first contemporary analysis and definition of social capital was done by Pierre
Bourdieu and is the guiding definition for this dissertation study:
the aggregate of the actual or potential resources which are linked to possession of a
durable network of more or less institutionalized relationships of mutual acquaintance
and recognition or, in other words, to membership in a group which provides each of its
members with the backing of the collectivity-owned capital, a credential which entitles
them to credit, in the various senses of the word (Bourdieu, p. 248, 1980).
In his seminal book, Putnam (2002) conveyed that social capital in the United States
declined. He attributed this decline to such factors as rising female employment, more time spent
watching television, family breakdown, and changes in the economy, such as replacing the
corner grocery store with supermarkets and electronic shopping. The suggestion of declining
social capital stems from trust in the community and a shift in how people interact. Social
relationships' overall existence and complexity have allowed them to evolve based on how
people communicate or interact (Antonucci et al., 2019), contributing to the complexity of social
capital.
With the introduction of technology, the foundational communication methods that create
social networks have continued to change with time. Social media has become a central vehicle
for communication among social networks and provides a primary means for acquiring
information within the community (Silver & Huang, 2019). Intergenerational relationships
continue to grow in complexity as younger generations utilize technology and the internet to
communicate with their social networks, whereas this is not as common with older generations
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(Antonucci et al., 2019). While someone may have primarily depended on face-to-face
communication in the past, current communicative interactions occur over SMS messaging or
social media (Alexander, 2013). The evolving communication methods of society have impacted
the make-up and maintenance of social capital and how people connect throughout the extent of
their lives. Therefore, this study extends beyond the traditional social capital construct and
considers the virtual social capital of online communities.
The inclusion of virtual relationships reflects the current culture about the COVID-19
pandemic because much of the community relationships and interactions are maintained online
while people adhere to social distancing standards.
Social capital has been found to play a significant role in many aspects of an individual's
life, such as increased functioning within society, sharing and accessing information, political
participation and civic engagement, efficiency as a society, and problem-solving (Coleman,
1990; Fukuyama, 1995; Lin, 1999; Paxton, 2002; Putnam, 1993; Welzel et al., 2005; Woolcock
& Narayan, 2000). Additionally, social capital is an effective tool for the individual before,
during, and after a disaster (Akama et al., 2014; Aldrich et al., 2002; Antonucci et al., 2019;
Cope et al., 2017; Shoji et al., 2019; Smiley et al., 2018). In a landmark survey based on 515
empirical studies, Pettigrew and Tropp found that prejudice declines when people from an ingroup spend time with those from an out-group (2011). Livingston and Brown found that the
liberalized viewpoint and increasingly common occurrence of interracial marriage in the United
States since the late-1960s have enabled an expanded layer of social capital within the
community (2017). The presence of social capital has also been found to alleviate stress within
the community (Weil et al., 2012) because social capital provides the opportunity for better
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mental health amongst community members. This positive impact on mental health is especially
beneficial to communities going through stressful events like disasters. This benefit was
observed post-Katrina within the community from bonding and bridging social capital within
communities walloped by the event (Weil et al., 2012). The presence of social capital in disasters
is further discussed in Section 2.3. Individuals within the community receive many benefits from
social capital and allow the community to receive positive effects equally.
2.2.1 Types of Social Capital
Past research studies have shown that social capital can be identified at any level of social
relationships (Claridge, 2019; Dika, 2012; Portes, 2009). For example, social capital on college
campuses is driven by social ties with student groups, faculty, and staff, interaction with
government authorities, and the impact on the overall community environment (Hess, 2016).
Kilby discusses that social capital exists simultaneously within any grouping where someone
feels belonging or acceptance, such as peer-to-peer friendships, familial groups, place of work
relationships, or relationships derived from community groups (2002). The relationships between
these forms of social capital can overlap depending on the relationship with one another. For
instance, two individuals may have a familial relationship as mother and son and be employed by
the same organization as co-workers who would provide them with two types of social capital
within one relationship. Social capital at the student level in higher education can be found in all
three types of social capital because of the different types of relationships established while
enrolled in the university (University of Minnesota Extension, 2021). This is cultivated in that
community social networks and capital are facilitated through interactions stemming from the
university community.
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Evaluating social capital based on the three types of social capital explains the dynamic
social network present within the community. Aldrich (2012) describes that "bonding and
bridging social capital primarily connect individuals of the same status – whether neighbors and
kin with bonding social capital, or cross-town acquaintances from another ethnic group with
bridging social capital – this form takes into account vertical distance as well" (p. 61). While
there are different ways to measure social capital, focusing on three types of social capital
incorporates the distinct differences between each type of connection (Woolcock & Narayan,
2000). It allows a comparison of each hierarchical level of information within the college
community.
Bonding Capital. Bonding social capital is a term used to describe trusting connections
within a community of individuals with similar demographic characteristics or ideologies.
Szreter and Woolcock (2004) refer to bonding social capital as 'inward looking' social networks
that reinforce the identities of social groups. The horizontal relationships where bonding social
capital exists can provide vital support to people as they go about life and disaster situations.
"Bonding social capital is described as the strong relationships that develop between people of
similar background and interests, usually include family and friends, provide material and
emotional support, and are more inward-looking and protective" (Claridge, p. 2, 2018). For
instance, friends develop bonding social capital because individuals in these relationships
traditionally have a lot of common interests. In college, examples of where bonding social capital
can be established, aside from familial connections, would be in class, amongst student
organization members, or in Greek life.
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Bridging Capital. The next type of social capital, known as bridging capital, represents
vertical relationships tied together by a thin layer of trust. This type of social capital is made up
of relationships across social groups. While bonding social capital is characterized as being
'within' social groups, bonding social capital is a bridge between communities or organizations.
Szreter and Woolcock (2004) describe bridging social capital as the 'outward looking' social
networks composed of respectful relationships between people that differ by socio-demographic
sense (i.e., age, class, social identity, etc.). This is a distinction from bonding social capital.
Concerning higher education, this type of social capital would pertain to a student and their
university, whether the faculty or other representatives of the institution. Bridging social capital
is very beneficial for college students. Previous studies have found that these relationships with
faculty drive higher GPAs and retention rates amongst students (Anaya & Cole, 2001; Dika,
2012; Kuh & Hu, 2001b).
Linking Capital. Linking social capital is a type of social capital between individuals
interacting across formal gradients of power and authority found in institutions or organizations.
Woolcock (2004) describes linking capital as institutional relationships formed around
differences in social positions or community power. An example of this is the relationship
between a neighborhood community and the government. One of the most significant benefits
available through linking social capital is access to community resources. This type of social
capital can be reciprocal such as community members depending on the local government for
resources and policy creation while the local government depends on community members for
cooperation and law following.
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2.2.2 Measuring Social Capital
Social capital is a complex construct, and because of this, it needs to be represented by
multiple indicators to be effective (Cox & Caldwell, 2000; Inglehart, 2015). Past research that
has measured social capital utilizing a one-dimensional framework has been inferior because it
could not capture the multiple layers of social capital (Adam and Roncevic, 2003; Cox &
Caldwell, 2000; Onyx and Bullen, 2001; Sobels et al. 2001). Utilizing a multi-factor
measurement method accounts for economic, social, cultural, political, and environmental
variables present within the community (Bhandari & Yasunobu, 2009; Mou & Lin, 2017). The
complexity of college student networks requires an appropriate measurement method to
understand the whole picture of their social capital.
Past studies have utilized the Putnam Instrument, which utilizes membership of voluntary
associations such as community clubs to measure social capital (Inglehart, 2015). This provides
value to the social capital discussion however does not go far enough to conceptualize the social
capital of traditional undergraduate students because of their home-base split between their
hometown and residence on a college campus, suggesting that additional dimensions to the
measurement of social capital are necessary (DeFilippis, 2001; Fischer, 2005). The Putnam
instrument does not consider the multi-dimensional social networks available to traditional
undergraduate students in the social sphere of higher education and can be considered elitist
because not everybody can take part in these extra activities. Not every socioeconomic group
will have the privilege and luxury to take part in different voluntary organizations. A
Georgetown report found that 70% of full-time undergraduate students are working while in
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school, and as a result, they are less likely to be involved in voluntary organizations than in
previous years (Claridge, 2018).
Other studies on social capital have focused on Social Networks and Support (Pinkerton
& Dolan, 2007; Poortinga, 2006), Trust (Aldrich et al., 2012; Newton, 2001; Nooteboom, 2007),
and Views of the Area (Barry, 2010; Zhao et al., 2012; Forrest & Kearns, 2001).
Understanding these different aspects and benefits of social capital allows for a thorough
analysis of the social capital construct with the research. Evolving Putnam's Instrument and
combing with the three other focus areas of past studies of social capital (Social Networks and
Support, Trust, and Views of the Area) provides a comprehensive approach towards
measurement.
A multi-factor measurement of social capital has been utilized in past studies (Harper &
Kelly, 2013; Polyzou et al., 2011; Rose & Clear). Having elements of the Putnam Instrument and
the other factors contributing to social capital provides a comprehensive unit of measurement to
this dissertation.
2.2.3 Social Capital and Disasters
There has been a substantial increase in references to social capital in academic literature
in the last 15 years. In 1977 Quarantelli and Dynes said, "three decades ago, there was not
enough theoretical material or research work in response to social crisis and disaster to have
warranted writing more than a footnote attesting to that fact" (p. 23). However, since that time,
the research into social capital's association with disasters has continued to expand (Akama et al.,
2014; Antonucci et al., 2019; Cope et al., 2017). Hazards and disaster research scholars have
consistently established the critical and positive impacts of social capital throughout the disaster
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cycle (Aldrich, 2012; Augustine et al., 2019; Hurlbert et al., 2000; Nakagawa & Shaw, 2004;
Quarantelli & Dynes, 1977; Shoji et al., 2019; Smiley et al., 2018).
Studies in social capital and disaster research have been focused on preparedness and
recovery (Aldrich, 2012; Dufty, 2014; Dynes, 2006; Sadri et al., 2018) and found that the
resources derived from social capital were significantly positively on the communities. Social
capital has been shown to provide needed resources and support following disasters in areas of
the world that are developing and disadvantaged (Aldrich, 2012; Anantsuksomsri & Tontisirin,
2020; Mathbor, 2007; Pronyk et al., 2008). "Communities that are historically socially and
economically vulnerable are at greater risk of damage from weather-generated disasters and slow
recovery efforts due to the lack of financial capital and political power" (Hawkins & Maurer, p.
1781, 2010). With the vulnerability presented to communities going through disasters, social
capital provides support to those within the community who may not necessarily have the means
to support themselves. Mathbor (2007) researched the impacts of social capital on community
preparedness in Bangladesh and found that building preparedness capacity with social capital
created more sustainable disaster management programs (2007). Yamamura (2010) found that
knowledge resources and support deriving from community relationships provided stability and
confidence for individuals to recover from the disasters. Likewise, Hawkins and Maurer (2010)
found that survivors of Katrina greatly benefited from bonding social capital, as community
members received support and information to assist with recovery efforts. The role that social
capital can play in accelerating post-disaster recovery has been demonstrated worldwide (Dufty,
2014). Anantsuksomsri and Tontisirin found in a study in Bangkok that social capital was higher
in less urbanized areas (2020). These areas are more close-knit and provide the opportunity to
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grow social relationships amongst community members versus densely populated areas where
people may not have the opportunity to get to know those around them.
The presence of social capital within the community helps to give people connections to
where they live and is seen most often in the evacuation process to encourage people to return to
the community following the disaster (Aldrich, 2012; Dufty, 2014; Shimada, 2015). This was
portrayed in a long-term study by Shimada (2015), where the data found that individuals were
encouraged to stay within the community or come back post-evacuation by the social capital that
was established.
During the COVID-19 pandemic, social capital has provided many benefits to the
communities dealing with the effects of the event. In past public health research, it has been
established that people with more knowledge and support have participated in precautionary
behavior, such as seeking medical care or additional hygiene practices (Dynes, 2006; Iorfa et al.,
2020; Kim & Kim, 2020). People with higher trust in the government were found to comply with
mitigation requests during the COVID-19 pandemic, which alludes to a connection between
linking social capital and precautionary behavior (Iorfa et al., 2020; Shanka & Menebo, 2022).
The World Health Organization (WHO) included in its guidelines for the COVID-19 pandemic a
focus on social capital being necessary for mitigating the spread of diseases and viruses (World
Health Organization, 2020). The trust and connectedness of the community is an essential factor
for spreading information and support within the community, which is especially important
during pandemic events.
Further research in public health-related events stems from participation in local
community groups having a positive influence for avoiding HIV (Pronyk et al., 2008), the effect
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of social capital's association with mitigating tuberculosis in the United States (Holgrave &
Crosby, 2004), and the impacts of social capital on the United States drug epidemic (Zoorob &
Salemi, 2017). These studies all found similar data observations on the positive influence of
social capital towards the community in public health-related events. The presence of trust and
connection helps create a cohesive relationship within the community which helps them work
together.
Similar past research studies have found the positive influence of social capital on the
community during public health events for events such as the 2014 Ebola outbreak (Blair et al.,
2017; Wilkinson & Fairhead, 2017).
Bonding social capital has been found to have positive impacts on various disaster
responses like evacuation and recovery (Aldrich, 2012; Anantsuksomsri & Tontisirin, 2020;
Dynes, 2006). Past research found that high levels of bonding social capital (support, trust,
participation, etc.) have led to overconfidence and seeking behavior by individuals (Ling &
Zang, 2009; Page et al., 2012; Ronan & Johnston, 2005). Knowing the influence of age on the
risk attitude spectrum towards seeking or addicted with younger adults (Sorce et al., 2005;
Weber, 2009; Zilker et al., 2020) supports the consideration that a high level of bonding may
contribute to comfort with scenarios of risk.
2.3 The Intersection of Risk Attitude and Social Capital
Individuals receive valuable resources in the form of instrumental, informational,
appraisal, and emotional, social support stemming from each type of social capital (Aldrich,
2012; Dyer & Sarin, 1982; House et al., 1988). Resources, which derive from the relationships
present within the community, have been a significant benefit to individuals throughout the
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disaster cycle. On the other hand, the risk attitude of individuals within the community that
manifests as behavior directly impacts the resilience of that area.
As seen during the COVID-19 pandemic, the public's behavioral response to situations of
risk has significant effects on the resilience of the community and the ability to manage the event
(Iorfa et al., 2020; Shinan-Altman & Levkovich, 2020). The nexus between risk attitude and
social capital portrays an exciting opportunity to understand individuals' decision-making
process further. Understanding how social capital influences risk attitude contributes to the
knowledge of understanding on emergency management because this can directly impact the
resilience of communities and sub-sections of the community like higher education. Furthering
the knowledge base regarding the make-up of communities contributes to the practitioner
community and academia and policymaking.
Past research attributed the influence of various benefits of overall social capital onto
participation in precautionary behavior (Chan et al., 2020; Czeisler et al., 2020; Dawi et al.,
2021), while other studies have shown an overconfident mindset by individuals who felt a high
level of support during disasters, (Ling & Zang, 2009; Page et al., 2012; Ronan & Johnston,
2005), with utilizing credit cards (Falk et al., 2018; Otter et al., 2008), and choosing to travel or
study abroad as a student (Luo & Lam, 2020; Pikkermaat & Weiermai, 1998; Yang; 2015). With
the influence of different benefits of overall social capital on the variable of risk attitude being
established, the opportunity to further understand how each type of social capital influences the
risk attitude variable.
Understanding the influence of social capital on risk attitude further explains the risk
attitude sequence (Hillson & Murray-Webster, 2007) participated in by traditional undergraduate
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students. The process of decision-making during disasters contributes to the consequences to the
individual and the community. During a wide range of disasters, from hurricanes to COVID-19,
understanding community dynamics allows the emergency management community to build
data-driven programs throughout the disaster cycle. The global impacts of COVID-19 call on the
emergency management community to better prepare for future disasters by understanding their
communities so that they can connect with them and share education on mitigation techniques to
offset consequences within the community.
2.4 Research Questions
The literature discussed in this chapter discusses the two variables of social capital and
risk attitude, which were studied in this research. There are three central research questions for
this study:
RQ1: What is the risk attitude of traditional undergraduate students surveyed about COVID-19
(addicted, seeking, tolerant, averse, paranoid)?
RQ2: What are the social capital characteristics for traditional undergraduate respondents
surveyed?
RQ3: What influence does social capital have on the risk attitude of traditional undergraduate
respondents regarding COVID-19?
To answer these central questions, the study asks three subsidiary questions:


What is the influence of bonding social capital on the risk attitude regarding COVID-19
among traditional undergraduate students?



What is the influence of bridging social capital on the risk attitude regarding COVID-19
among traditional undergraduate students?
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What is the influence of linking social capital on the risk attitude regarding COVID-19
among traditional undergraduate students?

2.5 Summary
This chapter reviewed the literature on risk attitude and social capital and how they have
been measured. Knowing more about the decision-making process that leads to individuals'
behavior can aid community officials in establishing risk communication programs and
emergency planning. During a disaster, such as the COVID-19 pandemic, paying attention to the
public's attitude and knowledge of the event assists with enhancing the precautionary behavior of
the community (Hillson & Murray-Webster, 2007; Rohrmann, 2005; Rosen et al., 2003; ShinanAltman & Levkovich, 2020; van Winsen et al., 2014). This study will examine the influence that
each type of social capital has on the risk attitude of traditional undergraduate students. The
dynamic social networks present on college campuses (Cengage, 2020; King et al., 2020) present
the opportunity for an exciting area of influence on risk attitude and the behavior that stems from
it. The specific method of this study is further discussed in the next chapter.
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III- Methodology
This study utilized an online survey to measure the influence of an individual's risk
attitude and the influence that each type of social capital has on where the individual falls on the
risk attitude spectrum. The survey posed questions about precautionary behavior in response to
COVID-19, an indicator of risk attitude through past survey studies that looked comparatively at
asking general-risk versus domain-specific questions. Chosen analysis methods based on
previous research measuring social capital and risk attitude.
The organization of the chapter is as follows: Section 3.1 describes the area of study for
the research project and also discusses the sample size; Section 3.2 discusses the data collection
procedures; Section 3.3 provides an overview of the survey design; Section 3.4 discusses the
measurement of the research; Section 3.5 discusses the ethical considerations of the study.
3.1 Target Area and Sample Size
The study concerned students enrolled in the Pennsylvania State System of Higher
Education (hereafter PASSHE) universities geographically located in western Pennsylvania.
PASSHE was established in 1983 and made up of 14 higher education members throughout the
geographical boundary of the State of Pennsylvania. The five schools in the study were chosen
because they provided the best opportunity to reach the study's sample size because of the
network provided by PASSHE.
The universities studied were:
1. California University of Pennsylvania
2. Clarion University
3. Edinboro University
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4. Indiana University of Pennsylvania
5. Slippery Rock University
The enrollment for Fall 2019 in each of the five schools was within a range of approximately
4,500 to 10,600 students (PASSHE, 2020). The lowest overall enrollment recorded for the
PASSHE schools during the fall semester was with Edinboro University, whereas the highest
overall enrollment was recorded at the Indiana University of Pennsylvania.
3.1.1 Inclusion and Exclusion Criteria
The National Center for Education Statistics (NCES) is a part of the United States
Department of Education's Institute of Education Sciences that collects, analyzes, and makes
available data related to education in the U.S. and other nations. The NCES defines traditional
undergraduate students as "postsecondary students under 25 years old who enroll directly from
high school, attend full-time, and do not have major life and work responsibilities (e.g., full-time
job or dependents)" (NCES, 2020). Examples of alternative factors contributing to the nontraditional student classification in past studies are delayed enrollment in postsecondary
education, living off-campus, being financially independent, or not obtaining a standard high
school diploma. The PASSHE Census defines non-traditional students as students that are (1)
over 25 years of age and (2) part-time enrollment (2020). The NCES definition for traditional
students was utilized to establish the inclusion and exclusion criteria for the dissertation to
encompass the official definition with the Department of Education and fit the PASSHE
considerations. Utilizing the broad definition for traditional undergraduates allows the study to
be inclusive of the students on campuses. The alternative factors used in past studies (i.e., living
on campus, financially independent, etc.) were intentionally not included in this dissertation's
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exclusion criteria to allow for an all-encompassing study of traditional undergraduates in the
target population. Living on-campus is an element of the survey to understand how this
perspective differs across the study variables.
The following characteristics defined the qualifications for an individual who participated in this
study:


Full-time student



Under 25 years of age

Exclusion criteria for the research study include:


Part-time students



25 years of age and older



Full-time employment

3.1.3 Sample Size
Each of the PASSHE universities reported a different total enrollment of undergraduate
students as of the Fall 2019 semester, as shown in Table 1.1. The total undergraduate enrollment
amongst the five PASSHE universities was 25,884 students (PASSHE, 2020).
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Table 3.1
Undergraduate Enrollment of PASSHE Universities
University

Total Undergraduate Enrollment

California University of Pennsylvania

4,856

Clarion University

3,776

Edinboro University

3,399

Indiana University of Pennsylvania

8,567

Slippery Rock University

5,286

Total

25, 884

Based on the cumulative traditional undergraduate student population (n = 25,884) at the
five (5) PASSHE universities in western Pennsylvania, the sample size for this study was 379
students with a 95% confidence level and 5% margin of error. This sample size was established
through consultation with the Slippery Rock University Statistical Consulting Center and the
Qualtrics Sample Size Calculator.
3.2 Data Collection Process
This survey was distributed and active during the first two weeks of April 2021,
coinciding with the spring semester timeframe. This provided an optimal time given the
readaptation of traditional undergraduate students from home back to their university atmosphere
and before they left for summer break. COVID-19 mitigation plans for the five universities in the
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target population involved the cancellation of spring break, which allowed for flexibility with
survey dissemination.
3.2.1 Survey Dissemination
Dissemination of the survey coincided with guidelines established by the universities. At
the Indiana University of Pennsylvania, the Applied Research Lab facilitated a list of
undergraduate contact information utilized by the study. Students at this university were
contacted directly by the study. At Slippery Rock University, external researchers must gain
approval from the External Review Committee to conduct research when they are not completing
it on behalf of the university. The guidelines established at this university are that a university
faculty member disseminates communication about the survey to students for outside
researchers. The survey communication was emailed to university department chairs for
dissemination to students for the three remaining universities. Verbiage for the emails to students
is in Appendix A.
3.2.2 Survey Prize
Individuals who completed the survey were entered into a drawing to win one of five $25
Sheetz gift cards. The email addresses were separated from the research data to maintain the
confidentiality of participants. This process is discussed further in Section 3.5.
3.3 Survey Design
The survey questions included within the survey were modeled after previous research
about both topics of study. Demographic questions were included within the survey to collect
information about the respondents. The questions and studies utilized as models for the survey
are discussed further within this section.
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3.3.1 Risk Attitude
The current study's survey measurement of risk attitude utilized model frameworks from
past studies about public health events (Duncan et al., 2009; Erfani et al., 2020; Iorfa et al., 2020;
Vartti et al., 2009). In the literature, risk attitude has been measured about self-reported actions
and behavior. The survey questions established by these studies solicit responses based on the
behavior that individuals display or the intention to carry out a specific action in response to the
event (Aren & Hamamci, 2020; Dohmen et al., 2005; Hillson & Murray-Webster, 2005;
Moshood et al., 2020). An example of this is precautionary behavior such as handwashing or
good hygiene, limiting domestic or international travel, and social distancing. Past studies have
established that enhancing precautionary behavior from the public can be done by paying
attention to community knowledge of the event and their attitude toward it (Shinan-Altman &
Levkovich, 2020).
3.3.2 Social Capital
The model for measuring social capital in this research came from a study measuring
social capital in the United Kingdom for the Office for National Statistics (Harper & Kelly,
2003). This research measured social capital based on five dimensions: 1) views of the local
area; 2) trust; 3) social networks and social support; 4) civic participation; 5) social participation.
The dimensions studied in this research are modeled from what has been studied in past literature
through a multidimensional measurement (Akama et al., 2014; Kwon & Adler, 2014; Putnam,
1993). As discussed, the complex topic that social capital is required a measurement through
multidimensions.
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These model survey questions initially established pertained to neighborhoods and were
measured based on the five dimensions. These were evaluated for their applicability to a college
campus. Questions that did not apply to higher education were adapted to be relevant to
undergraduates and college campuses. These aspects of the model study did not apply to the
current study because the college campus is not the target population's permanent home. For this
reason, the balance of asking questions about the participants' college campuses with the
connection to their hometown was established because it is highly likely that they may be active
within their college campus and their home community.
3.3.3 Demographics
These questions for the survey were selected from standard demographic questions
utilized in research surveys. Inclusion of employment status to the demographic provided an
interesting point of analysis to understand the participants working or completing an internship.
This was chosen to be included because while full-time employment is a disqualifying criterion,
employment, whether part-time or an internship, provides an additional layer of socialization and
meeting people for students. Participants had the opportunity to answer the gender demographic
question from an expanded set of answers. Peoples' thoughts and feelings about the concept of
gender have become increasingly complex as society continues to evolve. It is common for
Generation Z to have more diversity about gender identity, so having this expanded list of labels
helped participants communicate who they are during the survey. This also provided an exciting
element to the research study.
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3.3.4 Pilot Study
To assess the feasibility of the survey, a pilot study was conducted with a small group of
10 undergraduate students from Slippery Rock University. Feedback was given on the study
based on the clarity and delivery of the questions asked. The pilot test participants provided
overwhelmingly positive feedback with constructive feedback. Feedback from students was a
preference for matrix-table versus individual questions for the survey, which was incorporated
into the survey.
3.4 Measures and Data Analysis
The survey questionnaire included three different scales of measurement and a total of 24
questions. The coding scheme was an automated process and was incorporated directly into the
survey platform. This feature is available through the Qualtrics system utilized to deliver the
survey.
3.4.1 Risk Attitude
Within the current study, risk attitude was measured by 15 items rated on a Likert scale.
This method of measurement was established as a reliable method in the four model studies
(Duncan et al., 2009; Erfani et al., 2020; Iorfa et al., 2020; Vartti et al., 2009). The context of
these questions pertained to the participant's attitude toward different behavioral activities related
to COVID-19, such as social distancing, traveling, vaccines, and handwashing. The 15 items for
the risk attitude portion of the survey were assessed based on the risk attitude spectrum using the
terms paranoid, averse, neutral, seeking, and addicted. The scoring for each participant's answers
was assessed by a range scale, with participants receiving the highest score being assessed as
risk-addicted, whereas those receiving the lowest score fell into the risk-paranoid category.
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3.4.2 Social Capital
Measurement of the social capital variable was spread across five dimensions for this
dissertation study: Social Participation, Civic Participation, Social Networks and Support
(Pinkerton & Dolan, 2007; Poortinga, 2006), Trust (Aldrich et al., 2012; Newton, 2001;
Nooteboom, 2007), and Views of the Area (Barry, 2010; Forrest & Kearns, 2001; Zhao et al.,
2012). Incorporating elements of the Putnam Instrument (2015), which utilizes membership of
voluntary associations with measurement of trust, support, and views of the area, enabled a
comprehensive measurement of social capital to occur within the study.
Each of the survey questions in the social capital portion of the study was individually
tied to one of the three types of social capital (i.e., bonding, bridging, or linking). The study
utilized the measurement from the original study, which has established reliability and measured
the overall strength of social capital for the study area. The total scoring for each participant's
answers was categorized as low, medium, or high based on a predefined range scale to indicate
the level of influence from certain types of social capital.
3.4.3 Data Analysis and Storage
Upon conducting the survey, the data collected was cleaned, labeled, and categorized in
preparation for the quantitative statistical analysis. Qualtrics was utilized as the vehicle for data
collection, survey completion, and data storage with single-user accessibility by the researcher.
Qualtrics is a Web-based survey tool used to conduct survey research and other data collection
activities where the user can build surveys, send surveys, and analyze responses from a single
account. The Information Administrative Technology Services Department of Slippery Rock
University maintains the network's security and utilizes a maintained firewall service to keep
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systems secure. Identifying information for the participants was securely maintained in a
password-protected document and kept separate from the analyzed data to maintain the utmost
confidentiality of participants.
The data collected from this study was analyzed by utilizing descriptive statistics (central
tendency and frequency distribution) to describe the sample population. Since this research study
sought to study the impact of the independent variable (social capital) on the dependent variable
(risk attitude), regression analysis was utilized to understand the strength of this influence—the
regression analysis allowed for the relationship between each type of social capital and the risk
attitude.
3.4.4 Hypotheses
Considering past research on social capital and risk attitude, the hypotheses for the study
were conceptualized. Past studies on risk attitude and social networks have suggested: (1)
mobilization of resources from government agencies (such as the World Health Organization)
may contribute to self-isolating (Chan et al., 2020; Czeisler et al., 2020; Dawi et al., 2021) and
(2) familial support and trust has led to more seeking/addicted attitudes for college students when
studying abroad and utilizing credit cards and 3) relationships between students and faculty
associated with bridging social capital has led to a strategic and balanced approach to risk
(Anaya & Cole, 2001; Kuh & Hu, 2001b; Dika, 2012).
The hypotheses for the research study are as follows:
H1: Traditional undergraduate students with a higher level of bonding social capital are
predicted as more risk addicted on the risk attitude spectrum.
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H2: Traditional undergraduate students with a higher level of bridging social capital are
predicted as risk-neutral on the risk attitude spectrum.
H3: Traditional undergraduate students with a higher level of linking social capital are predicted
as more risk-averse on the risk attitude spectrum.
3.5 Limitations and Delimitations
There were limitations and delimitations in the current study, which are discussed in this
section. This section is broken down by the instrument, validity, and other limitations to the
study.
Survey Instrument.
The survey instrument required that students have access to the internet or smartphone to
complete. The five universities in the study conducted virtual learning, which required access to
the computer and internet. While there were challenges with internet access for students during
the pandemic, it was is reported that 95.5% of Pennsylvanians have access to the internet, which
mitigates this limitation (BroadbandNow, 2021).
Threats to Validity.
Studies utilizing online surveys are presented with threats to internal validity because of
the lack of control and respondent accountability for truthfulness. The known unknowns,
politicization, and evolving nature of the COVID-19 pandemic presented a lot of confusion and
uncomfortable feelings for many individuals. In the environment of an online survey, with the
circumstances surrounding the pandemic, students may have felt compelled to answer in a way
they perceived to be desired.

45

General Limitations.
Two limitations for the study are the selected population and the sampling method. In the
past, research has suggested that nonprobability sampling limits the generalizability of research
because it limits the ability to make inferences and establish causal relationships (Mitchell &
Jolley, 2009). Alternatively, there have been findings in studies that nonprobability yields similar
results as probability samples while being less expensive and time-consuming (Baker et al.,
2013; Mullinix et al., 2015). While a probability sample would have increased generalizability
with this research study, time was of the essence with the timeline of the spring semester and the
evolving circumstances of the pandemic.
3.6 Ethical Considerations
This research study utilized a collection method of a survey that involved the participation
of human subjects with minimal risk. This study was approved by the Institutional Review Board
(IRB) of Jacksonville State University and the Slippery Rock University IRB. Following the
Slippery Rock University IRB approval, notifications were forwarded to the other four
universities in the target population for approval. All IRB applications were approved for the
research study.
The confidentiality of the participants was maintained throughout the extent of the
survey. While demographic information was solicited, names were not collected from the survey
participants. Students were de-identified and assigned a number (e.g., 001, 002, etc.), which
established anonymity in the data results. Email addresses were solicited from participants to
complete the gift card raffle for those participating in the survey. This information was separated
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and kept secure from the data being analyzed. During the coding phase of the data analysis, this
information was cleaned from the data to maintain confidentiality.
3.6 Summary
This study took place at five schools in the Pennsylvania State System of Higher
Education to study the influence of the three types of social capital on traditional undergraduate
students' risk attitudes. The data collected through this study provided observations of student
risk attitudes about the COVID-19 event. This study utilized an online survey with Likert scales
in April 2021, which was the middle of the spring semester for the PASSHE schools. The study
will add to the body of knowledge of undergraduate students and disasters and risk attitudes
overall.
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IV- Results
The purpose of this study was to examine the influence of social capital toward the risk
attitude of traditional undergraduate respondents regarding the COVID-19 pandemic. This was
done by evaluating the relationship between each type of social capital (i.e., bonding, bridging,
and linking) and the risk attitude of COVID-19. This chapter discusses the results of this study,
which took place at five Pennsylvania State System of Higher Education universities. The
subjects in this study were traditional undergraduate students at the California University of
Pennsylvania, Clarion University, Edinboro University, Indiana University of Pennsylvania, and
Slippery Rock University. Students included in the study were between the ages of 17 and 25,
enrolled full time, and did not have other responsibilities such as either full-time employment or
military commitments. These respondents were surveyed utilizing a three-part, simple survey
that utilized a Likert scale of reporting for questions about social capital and risk attitude related
to the COVID-19 pandemic.
This chapter discusses the results of the study conducted to answer the following research
questions:
Research Question 1 (RQ1): What is the risk attitude of traditional undergraduate respondents
surveyed about COVID-19 (addicted, seeking, tolerant, averse, paranoid)?
Research Question 2 (RQ2): What are the social capital characteristics for traditional
undergraduate respondents surveyed?
Research Question 3 (RQ3): What influence does social capital have on the risk attitude of
traditional undergraduate respondents regarding COVID-19?
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Three research hypotheses were established to test the influence of social capital on the
risk attitude concerning COVID-19 of traditional undergraduate students at five PASSHE
universities in western Pennsylvania:
H1: Traditional undergraduate students with a higher level of bonding social capital are predicted
as more risk addicted on the risk attitude spectrum.
H2: Traditional undergraduate students with a higher level of bridging social capital are
predicted as risk-neutral on the risk attitude spectrum.
H3: Traditional undergraduate students with a higher level of linking social capital are predicted
as more risk-averse on the risk attitude spectrum.
Through the research questions, descriptive statistics, and hypothesis tests, this study
attempted to gain a broad knowledge of the relationship between social capital and risk attitude
applicable to higher education and the segment of the currently enrolled population. This chapter
will present the survey results and statistical analyses in the following format: Section 4.1
Respondent Characteristics, Section 4.2 Risk Attitude, Section 4.3 Social Capital, Section 4.4
Relationship Between Social Capital and Risk Attitude, and Section 4.5 Summary.
4.1 Respondent Characteristics
The survey returned 1,273 responses from the five medium-sized Pennsylvania State
System of Higher Education universities. There were 1,237 valid responses utilized as the study
data. Within the study, there were 14 majors of study represented from all five universities
within the sample, with 218 responses (18%) from the California University of Pennsylvania,
164 responses (13%) from Clarion University, 145 responses (12%) from Edinboro University,
388 responses
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(31%) from the Indiana University of Pennsylvania, and 322 responses (26%) from Slippery
Rock University.
The 1,237 valid surveys with respondents currently registered as traditional
undergraduate respondents at each university served as the primary source of research data.
Survey data was coded by Qualtrics and then reviewed for data trends by the researcher through
analysis with SPSS Statistics V25. The survey questions are provided in Appendix A.
The breakdown of respondent characteristics is discussed below, along with comparisons (if
applicable) of survey sample proportions to corresponding variables in the most recent 2019
PASSHE Census.
The most recent census report (PASSHE, 2019) for the target population of this study
showed that a majority of the population for the overall state system was White (78.4%) and
female (59.9%). The top-three most populated majors in the school system were: business
management, health professions, and education. A category that is underrepresented in both the
PASSHE system census and the current study is the male gender. Per the 2019 PASSHE Census,
throughout the system, most students are female (59.9%), while male respondents in the survey
(22.7%) were also underrepresented. Data for living arrangements of students show that the
majority of students are living in off-campus housing (43.6%) compared to on-campus housing
(21.6%), which is comparable to what is shown in the PASSHE census data, with on-campus
(15.2%) versus off-campus (43.6%). The PASSHE census data does not survey for employment
status or hometown as the study did.
As shown in Table 4.1, over half of the participants are female undergraduate
respondents (74.8%), 22.7% are males, 1.4% are nonbinary, 0.8% are transgender, and 0.3%
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preferred not to answer. PASSHE breaks down demographic information for each university, and
the census data showed that there was a majority female population at all five of the universities
in the sample population. Clarion University had the highest female majority (70.6%), while
California University had the smallest female majority population. The other three universities
fell in between, with Edinboro at 64.7%, the Indiana University of Pennsylvania with 58.9%, and
Slippery Rock University with 58.7% of a female majority.

Table 4.1
Respondent Characteristics-Gender

Valid

Male
Female
Transgender
Nonbinary
Prefer not to answer
Total
Missing System
Total

Frequency
267
879
9
17
3
1175
98
1273

Percent
21.0
69.0
.7
1.3
.2
92.3
7.7
100.0

Valid
percent
22.7
74.8
.8
1.4
.3
100.0

Cumulative
percent
22.7
97.5
98.3
99.7
100.0

According to Table 4.2, respondents have a minimum age of 18 and a maximum age of
25 years, set by the inclusion criteria for the study. As shown in Table 4.3, the mode age for
respondents is 19, and the median age is 20 years.

51

Table 4.2
Respondent Characteristics-Age, Part 1

Frequency Percent

Valid
percent

Cumulative
percent

70

5.5

5.5

5.5

18

140

11.0

11.0

16.5

19

294

23.1

23.1

39.6

20

255

20.0

20.0

59.6

21

263

20.7

20.7

80.3

22

182

14.3

14.3

94.6

23
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3.7

3.7

98.3

24

16

1.3

1.3

99.5

25

6

.5

.5

100.0

100.0

100.0

Valid

Total 1273

Table 4.3
Respondent Characteristics-Age, Part 2
N

Valid

1203

Missing 70
Mean

20.24

Median

20.00

Mode

19
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The PASSHE census data (2019) does not account for age and instead surveys for
traditional versus nontraditional students. Student enrollment systemwide is overwhelmingly
traditional, with 90.36% of students falling into the traditional category while at a PASSHE
school. As far as each university, Slippery Rock University has the highest percentage of
traditional students (93.28%), and California University has the lowest (78.735). The other three
universities fall in between, with Clarion University at 81.83%, Edinboro University at 87.56%,
and the Indiana University of Pennsylvania at 92.03%.
When surveyed regarding living arrangements while at the university, as shown in Table
4.4, most of the respondents live off-campus (43.6%), some live on campus (21.6%), 17.8% of
the respondents are commuters, while 17% of them have another means of living arrangement.

Table 4.4
Respondent Characteristics-Living Arrangements

Valid

On-campus
residence hall
Off-campus housing
Commuter
Other
Total
Missing System
Total

Frequency Percent
265
20.8
535
218
208
1226
47
1273

42.0
17.1
16.3
96.3
3.7
100.0

Cumulative
Valid percent percent
21.6
21.6
43.6
17.8
17.0
100.0

65.3
83.0
100.0

PASSHE census data accounts for student living arrangements. Systemwide, only two
out of 14 universities have over 50% of their students living in university or university-affiliated
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housing. These are Cheyney University (77.8%) and Mansfield University (53.8%). The
universities included in the study see less than half of the students living in university or
university-affiliated housing, with California University at 36.3%, Clarion University at 36.8%,
Edinboro at 29.8%, the Indiana University of Pennsylvania at 31.1%, and Slippery Rock at
36.5%.
Table 4.5 shows that the majority of the respondents come from rural areas (54.8%),
followed by suburban areas (35.7%), while a smaller number come from the urban area (9.5%).
The PASSHE census data does not account for student hometowns. This question was included
within the dissertation to provide a further description of the study population. Students are not
permanent residents of the university, and their hometown may affect their risk attitude.

Table 4.5
Respondent Characteristics-Hometown
Frequency
Valid
Rural
673
Urban
117
Suburban 438
Total
1228
Missing System
45
Total
1273

Percent
52.9
9.2
34.4
96.5
3.5
100.0

Valid percent
54.8
9.5
35.7
100.0

Cumulative
percent
54.8
64.3
100.0

As shown in Table 4.6, the population of undergraduate respondents sampled is
predominantly White (93.5%); Black or African American comprises 3.0%, Hispanic is 1.1%,
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and Asian is 1.6%. Both American Indian or Alaska Native (.2%) and Native Hawaiian or
Pacific Islander (.7%) are less than .1% of the respondent population.
This breakdown for the race of survey respondents is similar to the 2019 PASSHE
census. Edinboro University has the highest enrollment of White students with 85.47%, and the
Indiana University of Pennsylvania has the lowest enrollment of White students with 76.53%.
The other three universities fall somewhere in between, with California University at 78.58%,
Clarion University at 85.47%, and Slippery Rock University at 87.34% for enrollment of White
students.
Table 4.6
Respondent Characteristics-Race

Frequency Percent

Valid
percent

Cumulative
percent

White

1148

90.1

93.5

93.5

Black or African
American

37

2.9

3.0

96.5

American Indian or
Alaska Native

2

.2

.2

96.7

Hispanic

13

1.0

1.1

97.7

Asian

20

1.6

1.6

99.3

Native Hawaiian or
Pacific Islander

8

.6

.7

100.0

Total

1228

96.4

100.0

Missing System

46

3.6

Total

1274

100.0

Valid
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Table 4.7 shows that a higher percentage (67.9%) of the respondents work part-time,
25.1% are not employed, while 7.0% are enrolled in an internship. The PASSHE census does not
account for the employment status of students. This question was included within the dissertation
to describe the study population further. Individuals that students meet at their part-time
employment or internship facilitate social capital for the individual and can mingle with risk
attitude stemming from time and conversations had with each other.

Table 4.7
Respondent Characteristics-Employment Status

Valid

Part time
Internship
Not employed
Total
Missing System
Total

Frequency
834
86
309
1229
44
1273

Percent
65.5
6.8
24.3
96.5
3.5
100.0

Cumulative
Valid percent percent
67.9
67.9
7.0
74.9
25.1
100.0
100.0

The major area of study by respondents is shown in Table 4.8. A higher percentage of the
student's areas of study are education (16.2%), undeclared or general studies (15.3%), health care
(14.7%), sciences (11.7%), business/economics (9.2%), and law and justice (7.4%). PASSHE
tracks for student major area of study within its census data. Business is the largest major at
California University (622 students) and Indiana University of Pennsylvania (1,528 students). At
Clarion University (1,069 students) and Slippery Rock University (1,487 students), health care is
the most significant major area of study. Edinboro University has visual/performing arts (491
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students) as the largest Major, which did not align with the major areas of study returned in the
survey results.

Table 4.8
Respondent Characteristics-Major Area of Study

Valid

Frequency Percent

Valid
percent

Cumulative
percent

Athletics/exercise science

39

3.1

3.2

3.2

Business/economics

113

8.9

9.2

12.4

Communications

64

5.0

5.2

17.6

Computers

59

4.6

4.8

22.4

Education

199

15.6

16.2

38.6

Human services

76

6.0

6.2

44.8

Health care

181

14.2

14.7

59.5

Law and justice

91

7.1

7.4

66.9

Liberal arts

44

3.5

3.6

70.5

Mathematics

6

.5

.5

71.0

Sciences

144

11.3

11.7

82.7

Engineering/technology

12

.9

1.0

83.6

Visual & performing arts

13

1.0

1.1

84.7

General studies or undeclared 188

14.8

15.3

100.0

Total

1229

96.5

100.0

1273

100.0

Total

4.2 Risk Attitude
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This section of the results chapter will discuss the study results about risk attitude and the
data utilized to answer the first research question.
RQ1: What is the risk attitude of traditional undergraduate respondents surveyed
about COVID-19 (addicted, seeking, tolerant, averse, paranoid)?
The first method of analysis was to look at the measures of central tendency for the data. Table
4.9 shows the mean, median, and mode of the total risk attitude score for the study respondents.
The mean for the risk attitude data is 38.57 (std dev = 13.679), and the median is 38. The mode
for the risk attitude data is 29.

Table 4.9
Mean, Median, Mode of Respondent Risk Attitude
N

Valid

1237

Missing 36
Mean

38.57

Median

38.00

Mode

29

Std. deviation

13.679

Questions for the risk attitude portion of the survey (15 questions, 5-point Likert scale)
were modeled after studies by Vartti et al. (2009), Iorfa et al. (2020), and Erfani et al. (2020),
which were detailed in Chapter 3. Respondents used a Likert scale to indicate their level of
agreement or disagreement with 15 statements about protective behavior about COVID-19, from
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1 (strongly agree) to 5 (strongly disagree). The responses were totaled to determine a risk attitude
scale with a possible range from 15 to 75 and then linked to placement on the risk attitude
spectrum based on the intervals shown in Table 4.10. The intervals were established utilizing the
mean and standard deviation. The mean of respondents was 38.57, and the standard deviation
was 13.679. The intervals were set utilizing one, two, and three standard deviations above/below
the mean (m = 38.57) for each side of the risk attitude spectrum.

Table 4.10
Risk Attitude Scale for Study
Risk paranoid

Risk averse

Risk neutral

Risk seeking

Risk addicted

15 to 24

25 to 38

39 to 52

53 to 66

67 to 75

Descriptive Statistics of Risk Attitude.
This section of the analysis will focus on the questions about risk attitude across
respondent characteristics established in the data. The respondent characteristic questions in the
survey asked questions relating to gender, age, living arrangements on campus, the major area of
study, hometown, race, and employment status. These respondent characteristics were asked to
gather data on demographics and additional information about student participants that may
impact their point of view while enhancing the overall analysis of the data review.
Table 4.11 below shows the descriptive statistics for each of the items. Respondents
strongly agreed with the statements (median = 1): I have used household disinfectants during the
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COVID-19 pandemic more than I usually would, and I avoid going into public places. The
respondents agreed to the following statements (median = 2): I have avoided touching structures
like door handles and staircase railings at public places; I have self-isolated myself at home, as
needed; I have changed my lifestyle because of the COVID-19 pandemic; I have frequently
washed/sanitized my hands with soap and water; and authorities should restrict access to
religious sites, shrines, and mosques if the number of COVID-19 cases increases. Additionally,
the respondents neither disagreed nor agreed to the following statements (median = 3): I have
chosen not to travel or take a vacation (domestic or international); I have avoided eating dine-in
at restaurants or food courts; I have worn a mask during the COVID-19 pandemic; I believe that
if the number of COVID-19 cases increases, authorities should be ready to lock down and
quarantine the city; I believe that COVID-19 is a serious disease; in the event of an increase in
the number of cases of COVID-19, authorities should be ready to close educational centers
(kindergartens, schools, and universities); and if a vaccine for COVID-19 is available to me, I
will get it. Finally, respondents disagreed with the statement (median = 4): I have avoided social
gatherings.
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Table 4.11
Risk Attitude Survey Responses
N
1= Strongly agree; 2=Agree; 3=Neither
agree or disagree; 4=Disagree;
5=Strongly disagree
Valid

Missing

Median

I have chosen not travel or take a vacation (domestic or
international).

1237

37

3.00

I have avoided eating dine-in at restaurants or food courts.

1237

37

3.00

I have avoided social gatherings.

1237

37

4.00

I have worn a mask during the COVID-19 pandemic.

1237

37

3.00

I have used household disinfectants during the COVID-19
pandemic more than I normally would.

1237

37

1.00

I have avoided touching structures like door handles and
staircase railings at public places.

1237

37

2.00

I have self-isolated myself at home, as needed.

1237

37

2.00

I have changed my lifestyle because of the COVID-19
pandemic

1237

37

2.00

I have frequently washed/sanitized my hands with soap and
water.

1237

37

2.00

I avoid going into public places.

1237

37

1.00

I believe that if the number of COVID-19 cases increases,
authorities should be ready to lock down and quarantine the
city.

1237

37

3.00

I believe that COVID-19 is a serious disease.

1237

37

3.00

Authorities should restrict access to religious sites, shrines, and 1237
mosques if the number of COVID-19 cases increases.

37

2.00
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In the event of an increase in the number of cases of COVID19, authorities should be ready to close educational centers
(kindergartens, schools, and universities).

1237

37

3.00

If a vaccine for COVID-19 is available to me, I will get it.

1237

37

3.00

Gender was solicited within the survey. The male and female respondents returned a
mean of 42.85 and 37.47, respectively, as shown in Table 4.12, both considered neutral on the
Risk Attitude Spectrum. Those identifying as transgender have a mean of 31.56, which is also
Risk Neutral, and those identifying as nonbinary in the survey show a mean of 23.12, which is
Risk Averse on the Risk Attitude Spectrum.

Table. 4.12
Comparing Gender Means of Risk Attitude
What is your gender?

Mean

N

Std. deviation

Male

42.85

267

15.105

Female

37.47

879

12.994

Transgender

31.56

9

13.182

Nonbinary

23.12

17

6.194

Prefer not to answer

39.33

3

8.083

Total

38.44

1175

13.737
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The data in Table 4.13 shows the comparison of means relating to the hometown of the
survey participants. Each mean is shown to fall into the risk Neutral section of the Risk Attitude
Spectrum. The participants from rural hometowns have a slightly more positive risk attitude (m =
39.66) than those from urban (m = 34.80) and suburban (m = 37.74) hometowns.

Table 4.13
Hometown Means of Risk Attitude
How would you describe your hometown?

Mean

N

Std. deviation

Rural

39.66

673

14.197

Urban

34.80

117

10.908

Suburban

37.74

438

13.345

Total

38.51

1228

13.686

For the data in Table 4.14, the means of the major area of study and risk attitude are
displayed. All majors aside from engineering have a mean that falls into the risk Neutral section
of the spectrum. Engineering has a mean of 54.75, which pushes them to the risk Seeking section
of the Risk Attitude Spectrum.
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Table 4.14
Major Area of Study Means of Risk Attitude
What is your major area of study?

Mean

N

Std. deviation

Athletics/exercise science

39.33

39

11.363

Business/economics

41.27

113

12.510

Communications

34.31

64

11.383

Computers

33.02

59

13.021

Education

37.30

199

12.894

Human services

38.78

76

16.155

Health care

40.63

181

14.253

Law and justice

35.78

91

13.233

Liberal arts

35.14

44

14.375

Mathematics

51.17

6

12.319

Sciences

38.24

144

13.880

Engineering/technology

54.75

12

16.454

Visual & performing arts

23.15

13

6.176

General studies or undeclared

40.97

188

12.562

Total

38.52

1229

13.680

4.3 Social Capital
This section of the results chapter will discuss social capital and the data utilized to
answer the second research question.

64

RQ2: What are the social capital characteristics for traditional undergraduate respondents
surveyed?
The questions for the social capital portion of the survey were adapted from the Harper
and Kelly (2003) UK Neighborhood Social Capital study (see Chapter 3). This was done
utilizing five dimensions of social capital: 1) Views of the Area (two sets of Likert-scale
questions), 2) Social Networks and Support (two sets of Likert-scale questions), 3) Civic
Participation (two Yes/No and one multi-select question), 4) Social Participation (one multiselect question), and 5) Trust (two Yes/No and one Likert-scale question).
There are four separate scales to assess the overall social capital, bonding, bridging, and
linking social capital, respectively, based on the associated questions asked in the survey. There
are found individual scales because of specific questions within the survey that pertain to each
type of social capital. There are 11 questions about bonding, ten questions about bridging, and
nine questions about linking. Scoring criteria from these questions for each type of social capital
make up the scales for their respective variable. The overall survey modeled by Harper and Kelly
(2003) was utilized to create the overall social capital scale. The differing scales are attributed to
the number of questions asked in the survey relevant to each type of social capital.
The mean for each of the four sets of aggregated scores for the overall social capital, bonding,
bridging, and linking social capital are shown in Table 4.16. The intervals of each scale utilized
in the study to determine the level of social capital (low, medium, and high) were established
utilizing one and two standard deviations above/below the mean, as shown in Table 4.15.
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Table 4.15
Social Capital Strength Scale
Low

Medium

High

Overall

97—159

160—204

205—243

Bonding

15—37

38—64

65—75

Bridging

19—37

38—50

51—55

Linking

11—23

24—34

35—42

The data shown in Table 4.16 displays the percentages for the overall strength of social
capital based on the respondent answers in the survey. As a whole, most respondents have a
medium level of overall social capital, with 66%. There were 18.7% of respondents with a high
level of social capital, and 15.3% of those respondents had a low level of overall social capital.

Table 4.16
Percentages of Overall Social Capital Strength
Overall Social Capital
Frequency Percent

Valid
percent

Cumulative
percent

231

18.7

18.7

18.7

Medium 817

66.0

66.0

100.0

Low

189

15.3

15.3

34.0

Total

1237

100.0

100.0

Valid High
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Similarly, Table 4.17 to 4.19 each shows what percentage of students fell for the strength
level of each type of social capital, respectively. For bonding social capital, as shown in Table
4.17, most respondents were assessed to have a high level of this type with 43.4% in this area.
There were 22.7% of respondents for low bonding, and the medium level showed 34% of
students within this area.

Table 4.17
Percentages of Bonding Social Capital Strength

Frequency Percent

Valid
percent

Cumulative
percent

536

43.3

43.3

43.3

Medium 420

34.0

34.0

100.0

Low

281

22.7

22.7

66.0

Total

1237

100.0

100.0

Valid High

Like bonding, most students had a high level of bridging social capital, with 53.1% in this
category. 45.5% of respondents had a medium level of bridging, and 1.5% of respondents have
assessed a low level of bridging. This is shown in Table 4.18.
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Table 4.18
Percentages of Bridging Social Capital Strength
Valid
Frequency Percent percent

Cumulative
percent

Valid High

657

53.1

53.1

53.1

Medium 562

45.4

45.4

100.0

Low

18

1.5

1.5

54.6

Total

1237

100.0

100.0

The data shown in Table 4.19 show the percentages of respondents for linking social
capital. Data that was assessed showed that 53.6% of respondents had a medium level of linking
social capital. There were 43.7% of respondents with a high level of linking social capital and
2.7% of students with a low level of linking.

Table 4.19
Percentages of Linking Social Capital Strength

Frequency Percent

Valid
percent

Cumulative
percent

541

43.7

43.7

43.7

Medium 663

53.6

53.6

100.0

Low

33

2.7

2.7

46.4

Total

1237

100.0

100.0

Valid High
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The mean for each type of social capital and overall social capital is shown in Table 4.20.
The mean for each variable is assessed to be a medium level of social capital on their respective
scales.

Table 4.20
Mean of Overall, Bridging, Bonding, and Linking

N

Valid

Social capital strength

Bonding

Bridging

Linking

1237

1237

1237

1237

36

36

36

Missing 36
Mean

182.54

51.40

44.29

29.09

Median

183.00

52.00

45.00

30.00

Mode

185

61

44

31

Std. Deviation

22.795

13.668

6.791

5.688

Descriptive Statistics of Social Capital
This section of the analysis will focus on the analysis of questions about social capital
across respondent characteristics established in the data. The respondent characteristic questions
in the survey asked questions relating to gender, age, living arrangements on campus, the major
area of study, hometown, race, and employment status. These respondent characteristics were
asked to gather data on demographics and additional information about student participants that
may impact their point of view while enhancing the overall analysis of the data review.
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The mean of overall social capital is broken down by gender in Table 4.21. Male and
female respondents returned a mean of 175.90 and 184.47, respectively, which are both a
medium level of social capital. Transgender respondents have a mean of 186.22, which is also a
medium level of overall social capital, and those identifying as nonbinary in the survey show a
mean of 195.65, which is a medium level.

Table 4.21
Comparing Gender Means of Overall Social Capital
What is your gender? Mean

Std. deviation

N

Male

175.90

25.068

267

Female

184.47

21.584

879

Transgender

186.22

28.952

9

Nonbinary

195.65

15.847

17

Prefer not to answer

165.33

5.774

3

Total

182.65

22.719

117
5

Similarly, the mean of bonding social capital is broken down by gender in Table 4.22.
Male and female respondents returned a mean of 47.13 and 52.49, respectively. Males and
females both have a medium level. Transgender respondents showed a mean of 58.44, which
falls into the medium level. Nonbinary respondents were assessed a mean of 66.88, which is a
high level of bonding social capital.
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Table 4.22
Comparing Gender Means of Bonding Social Capital
What is your gender?

Mean

Std. deviation N

Male

47.13

15.101

267

Female

52.49

12.981

879

Transgender

58.44

13.182

9

Nonbinary

66.88

6.194

17

Prefer not to answer

50.67

8.083

3

Total

51.52

13.725

1175

The mean of bridging social capital is broken down by gender in Table 4.23. Male and
female respondents returned a mean of 42.55 and 44.89, respectively. Males and females both
have a high level. Transgender respondents showed a mean of 36.22, which falls into the low
level. Nonbinary respondents were assessed a mean of 39.29, which is a medium level of
bonding social capital.
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Table 4.23
Comparing Gender Means of Bridging Social Capital
What is your gender?

Mean Std. deviation N

Male

42.55 6.502

267

Female

44.89 6.692

879

Transgender

36.22 5.069

9

Nonbinary

39.29 6.213

17

Prefer not to answer

37.33 4.041

3

Total

44.20 6.763

1175

The mean of linking social capital is broken down by gender in Table 4.24. Male and
female respondents returned a mean of 28.35 and 29.22, respectively. Males and females both
have a medium level. Transgender respondents showed a mean of 28.56, which falls into the
medium level. Nonbinary respondents were assessed a mean of 31.06, which is also a medium
level of linking social capital.
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Table 4.24
Comparing Gender Means of Linking Social Capital
What is your gender?

Mean

Std. deviation N

Male

28.35

5.896

267

Female

29.22

5.723

879

Transgender

28.56

4.333

9

Nonbinary

31.06

2.926

17

Prefer not to answer

28.67

2.887

3

Total

29.04

5.730

1175

Table 4.25 shows the breakdown of the mean for overall social capital based on the
respondents' hometowns. These means have been assessed to be a medium level of social capital,
with Rural having 181.74, Urban having 187.81, and Suburban having 182.82.

Table 4.25
Hometown Means of Overall Social Capital
Describe your hometown

Mean

Std. deviation

N

Rural

181.74

22.649

673

Urban

187.81

21.061

117

Suburban

182.82

23.302

438

Total

182.71

22.787

1228

73

Table 4.26 shows the breakdown of the mean for bonding social capital based on the
respondents' hometowns. These means have been assessed to be a medium level of social capital,
with Rural having 50.31, Urban having 55.07, and Suburban having 52.24.

Table 4.26
Hometown Means of Bonding Social Capital
Describe your hometown

Mean

Std. deviation

N

Rural

50.31

14.188

673

Urban

55.07

10.904

117

Suburban

52.24

13.335

438

Total

51.45

13.675

1228

Table 4.27 shows the breakdown of the mean for bridging social capital based on the
respondents' hometowns. These means have been assessed to be a medium level of social capital,
with Rural having 44.67, Urban having 44.63, and Suburban having 43.70.
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Table 4.27
Hometown Means of Bridging Social Capital
Describe your hometown Mean

Std. deviation

N

Rural

44.67

7.008

673

Urban

44.63

6.612

117

Suburban

43.70

6.444

438

Total

44.32

6.785

1228

Table 4.28 shows the breakdown of the mean for linking social capital based on the
respondents' hometowns. These means have been assessed to be a medium level of social capital,
with Rural having 29.20, Urban having 30.04, and Suburban having 28.69.

Table 4.28
Hometown Means of Linking Social Capital
Describe your hometown Mean

Std. deviation

N

Rural

29.20

5.668

673

Urban

30.04

6.128

117

Suburban

28.69

5.558

438

Total

29.10

5.683

1228

Table 4.29 shows the mean breakdown for overall social capital based on the
respondents' major areas of study at their university. The average of respondents in the visual
and performing arts (209.69) major was assessed to have a high level of overall social capital.
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The engineering and technology major (153.00), on average, has a low level of overall social
capital. The mean for all other major areas of study has a medium level of overall social capital.

Table 4.29
Major Area of Study Means of Overall Social Capital

Major

Mean

Std.
deviation

Athletics/exercise
science

185.21

17.260

39

Business/economics

175.24

19.567

113

Communications

187.00

21.058

64

Computers

190.19

22.826

59

Education

186.20

18.729

199

Human services

178.00

29.218

76

Health care

182.61

24.103

181

Law and justice

190.97

25.827

91

Liberal arts

175.95

27.239

44

Mathematics

173.50

13.338

6

Sciences

180.66

20.162

144

Engineering/technology 153.00

32.639

12

Visual & performing
arts

209.69

16.825

13

General studies or
undeclared

180.06

20.289

188

Total

182.62

22.817

1229
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N

The data in Table 4.30 shows the mean breakdown for bonding social capital based on
the respondents' major areas of study at their university. The average of respondents in the visual
and performing arts (66.85) major was assessed to have a high level of overall social capital. The
engineering and technology major (35.25), on average, has a low level of overall social capital.
The mean for all other major areas of study has a medium level of overall social capital.
Respondents in the mathematics major have a mean of 38.83, which was on the cusp between the
low and medium levels of social capital.
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Table 4.30
Major Area of Study Means of Bonding Social Capital
Major

Mean

Std. deviation

N

Athletics/exercise science

50.28

11.187

39

Business/economics

48.73

12.510

113

Communications

55.69

11.383

64

Computers

56.98

13.021

59

Education

52.67

12.906

199

Human services

51.22

16.155

76

Health care

49.37

14.253

181

Law and justice

54.13

13.200

91

Liberal arts

54.86

14.375

44

Mathematics

38.83

12.319

6

Sciences

51.69

13.836

144

Engineering/technology

35.25

16.454

12

Visual & performing arts

66.85

6.176

13

General studies or undeclared

49.03

12.562

188

Total

51.45

13.669

1229

The data in Table 4.31 shows the breakdown of the mean for bridging social capital based
on the respondents' major areas of study at their university. The mean for all of the academic
majors for respondents fell into a medium level of bridging social capital.
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Table 4.31
Major Area of Study Means of Bridging Social Capital
Major

Mean

Std. deviation N

Athletics/exercise science

47.62

5.798

39

Business/economics

43.88

7.393

113

Communications

42.64

6.234

64

Computers

43.58

6.311

59

Education

43.97

6.528

199

Human services

43.50

7.795

76

Health care

46.87

5.826

181

Law and justice

43.82

5.689

91

Liberal arts

39.50

7.394

44

Mathematics

46.67

3.670

6

Sciences

43.91

6.900

144

Engineering/technology

39.50

7.293

12

Visual & performing arts

45.15

7.358

13

General studies or undeclared

44.65

6.856

188

Total

44.30

6.798

1229

The data in Table 4.32 shows the breakdown of the mean for linking social capital based
on the respondents' major areas of study at their university. The mean for all of the academic
majors for respondents fell into a medium level of linking social capital. Engineering and
technology fell on the cusp of a low and medium level of social capital with a score of 24.50.
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Similarly, visual and performing arts fell on the cusp of a medium and high level of
social capital with a score of 33.15. Mathematics (31.50), law and justice (30.87), and health care
(30.04) also fell in the higher range of the medium level of linking social capital.

Table 4.32
Major Areas of Study Means of Linking Social Capital
Major

Mean

Std. deviation N

Athletics/exercise science

28.74

4.235

39

Business/economics

27.54

4.827

113

Communications

27.64

6.330

64

Computers

28.98

5.579

59

Education

29.94

5.699

199

Human services

28.57

6.154

76

Health care

30.04

5.578

181

Law and justice

30.87

7.030

91

Liberal arts

27.89

6.270

44

Mathematics

31.50

4.680

6

Sciences

28.94

4.786

144

Engineering/technology

24.50

4.210

12

Visual & performing arts

33.15

1.068

13

General studies or undeclared

28.45

5.535

188

Total

29.08

5.681

1229
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As shown in Table 4.33, the respondents, on average, disagree (median = 2) with the
college campus being a place where people from different backgrounds get along well together.

Table 4.33
Differing Background Responses
My college campus is a place where people from
different backgrounds get along well together.
1= Strongly disagree; 2=Disagree; 3= Neither
agree nor disagree; 4= Agree; 5=Strongly agree
N

Valid

1237

Missing 36
Mean

1.89

Median

2.00

Mode

2

Std. deviation

.751

In Table 4.34 concerning problems on campus, the respondents on average indicate that
drinking or partying (median = 2), littering (median = 2), drug use (median = 2), and
discrimination (median = 2) are minor on campus. Respondents felt that vandalism or graffiti
(median =1) are not problems on campus.
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Table 4.34
Problems on Campus Responses
Drinking or Partying Littering Vandalism

Drugs

Discrimination

1= Not at all; 2= Minor; 3= Moderate; 4= Serious
N

Valid

1235

1235

1232

1235

1235

Missing

38

38

41

38

38

Mean

2.39

2.19

1.55

2.16

2.02

Median

2.00

2.00

1.00

2.00

2.00

Mode

2

2

1

2

2

Std. deviation

.846

.810

.656

.822

.893

Table 4.35 indicates how comfortable respondents are when they ask the following
people for support in a time of need. Data showed that respondents find it extremely comfortable
(median =5) to seek support from siblings, friends, other relatives, and classmates. Respondents
feel very comfortable (median = 4) seeking support from their significant other and somewhat
comfortable (median =3) seeking support from parents, academic advisors, and other university
staff.
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Table 4.35
Support from Social Network Responses
N
1=Not at all; 2=Slightly; 3=Somewhat; 4=Very; 5=Extremely
Valid

Median

Missing

Parents

1237

37

3.00

Siblings

1237

37

5.00

Other relatives

1237

37

5.00

Significant Other

1237

37

4.00

Friend

1220

54

5.00

Classmate

1237

37

5.00

Your Academic Advisor

1237

37

3.00

University Counseling Center 1237

37

3.00

Other University Staff

37

3.00

1237

As shown in Table 4.36, on average, data shows that respondents often (median =4)
interact with family relatives on social media, family/relatives on the phone, friends on social
media, friends on the phone, text or email friends, and faculty or university on social media.
Respondents sometimes (median = 3) interact with faculty members or other university
representatives on email and rarely (median = 2) speak to faculty members or other
representatives of the university on the phone.
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Table 4.36
Interaction with Social Network Responses
N
1=Never; 2=Rarely; 3=Sometimes; 4=Often; 5=Always
Valid

Missing

Median

1237

37

4.00

Speak to family/relatives on the phone. 1237

37

4.00

Interact with friends on social media.

1234

40

4.00

Speak to friends on the phone.

1237

37

4.00

Text or email friends.

1237

37

4.00

Interact with faculty or university on
social media.

1237

37

4.00

Speak to faculty members or other
1237
representatives from your university on
the phone.

37

2.00

Email faculty members or other
representatives from your university.

37

3.00

Interact with family/relatives on social
media.

1237

Table 4.37 shows the reported civic activities participated in (physically or virtually) by
respondents over the past 12 months. Contacting a local radio station, television station, or
newspaper was the most participated-in activity (54.2%) by respondents. Volunteering (.1%) was
the least participated-in activity by respondents. Respondents, on average, reported taking part in
between one to two activities within the past 12 months (m = 1.86). This is shown in Table 4.38.
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Table 4.37
Civic Participation Responses
Valid
Frequency Percent percent

Cumulative
percent

Contacted a local radio station,
television station, or newspaper.

670

54.1

54.2

54.2

Interacted with an elected official on
social media.

274

22.1

22.2

76.3

Attended a public meeting.

159

12.8

12.9

89.2

Attended a protest.

83

6.7

6.7

95.9

Helped to organize a petition.

39

3.2

3.2

99.0

Interacted with a public agency on
social media (i.e., PA Department of
Health).

11

.9

.9

99.9

Volunteered (regular/virtual).

1

.1

.1

100.0

Total

1237

99.9

100.0

Missing System

1

.1

Total

1238

100.0

Valid
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Table 4.38
Mean of Civic Participation
N
Valid Missing Mean Mode
What following action have you taken either in person or
virtually in the past 12 months? Check all that apply.

1238 0

Civic participation

1237 1

1.86

1

Table 4.39 shows respondents reported social activities (physically or virtually) over the
past 12 months. Respondents' participation in a student or community organization was the most
participated-in activity (36.8%). Participating with a religious group (1.2%) was the least
participated-in activity by respondents. Respondents, on average, reported taking part in between
two to three activities within the past 12 months (m = 2.49). This is shown in Table 4.40.
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Table 4.39
Social Participation Responses
Valid
Frequency Percent percent

Cumulative
percent

Taking part in a student or
community organization.

455

36.8

36.8

36.8

Holding a leadership position of a
group on campus or in the
community.

256

20.7

20.7

57.5

Organizing or running an event.

205

16.6

16.6

74.1

Mentoring or tutoring people.

167

13.5

13.5

87.6

Giving advice or information.

107

8.6

8.6

96.2

Campaigning.

32

2.6

2.6

98.8

Participating with a religious group.

15

1.2

1.2

100.0

Total

1237

99.9

100.0

Missing System

1

.1

Total

1238

100.0

Valid

Table 4.40
Mean of Social Participation Responses
N
Valid Missing Mean Mode
What following activity have you taken part in either in person
or virtually during the last 12 months? Check all that apply.

1238 0

Social participation

1237 1

87

2.49

1

Data in Table 4.41 shows responses regarding trust in an individual network. The
respondents somewhat (median = 3) hold trust in law enforcement, the federal government, and
university administration. Respondents have a slight (median = 2) trust in the Federal Drug
Administration, the Centers for Disease Control, the courts, state government, Pennsylvania
Department of Health, local government, fire department, department faculty, and their academic
advisor. The respondents have no (median = 1) trust in the World Health Organization.
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Table 4.41
Trust in Network Responses
N

Median

Valid

Missing

1=Not at all; 2=Slightly;
3=Somewhat; 4=Very;
5=Extremely

World Health Organization (WHO)

1236

38

1.00

Federal Drug Administration (FDA)

1234

40

2.00

Centers for Disease Control (CDC)

1237

37

2.00

Courts

1237

37

2.00

Federal Government

1237

37

3.00

State Government

1237

37

2.00

PA Department of Health

1237

37

2.00

Local Government

1237

37

2.00

Law Enforcement

1237

37

3.00

Fire Department

1237

37

2.00

University administration

1237

37

3.00

Department faculty

1237

37

2.00

University academic advisor

1237

37

2.00

4.4 Analysis of Relationship Between Social Capital and Risk Attitude
The data reflected in this section is utilized to answer the third research question
regarding the relationship between social capital and risk attitude.
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Testing of Hypothesis One
H1: Traditional undergraduate students with a high level of bonding social capital
are predicted as more risk addicted on the risk attitude spectrum.
The contingency table is shown in Table 4.42 displays where respondents fall on the risk
attitude spectrum that have a high level (>65), medium level (38—64), and low level (<37) of
bonding social capital. The majority of respondents with a high level of bonding fell into the
risk-averse category, constituting 26.2% of the sample. The next category filled by high-level
bonding is paranoid with 17.4%. For the medium level of bonding social capital, most
respondents are neutral on the risk attitude spectrum with 25.3%, followed by an averse category
with 8.8%. Most respondents fall into the seeking category on the risk attitude spectrum for the
low level of bonding social capital with 12.3%.

Table 4.42
Contingency Table Bonding and Risk Attitude
Addicted Seeking Neutral Averse
Bonding High
level
Medium
Low
Total

26.2%
25.3%
3.7%

12.3%

6.3%

3.7%

12.3%

31.7%

Paranoid Total
17.4%

8.8%

43.5%
34.1%
22.3%

34.9%

17.4%

100.0%

The relationship between bonding social capital and the risk attitude spectrum can be
further evaluated by looking at the cluster bar graph in Figure 4.1. Levels of low break down this
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chart (<37), medium (38—64), and high (>65). Categories on the risk attitude spectrum are
broken down by color: addicted (blue), seeking (yellow), neutral (green), averse (red), and
paranoid (orange). The chart shows that respondents with a high level of bonding social capital
fell into the averse and paranoid categories; respondents with a medium level of bonding social
capital fell into neutral or averse categories; and respondents with a low level of bonding social
capital fell into addicted, seeking, or neutral categories. At the high level, most respondents fell
into the averse category on the risk attitude spectrum. In the medium level, most respondents fell
into the seeking category, and in the low level, most respondents fell into the neutral category on
the risk attitude spectrum.

Figure 4.1
Bonding and Risk Attitude Spectrum Bar Chart

91

A chi-square test of independence was utilized to test the statistical association between
bonding social capital (IV) and risk attitude (DV). This returned a test statistic value of 2125.042
according to Table 4.20. The corresponding value p-value for the test statistic is p < 0.001. Since
the p-value is less than the chosen significance level of α = 0.05, the null hypothesis that bonding
social capital has no impact on risk attitude can be rejected. Based on this chi-square test, there
was a significant association between bonding social capital and risk attitude (X2(8) = 2125.042,
p < .001).

Table 4.43
Chi-Square Test-Bonding Social Capital and Risk Attitude

Value

df

Asymptotic
significance
(2-sided)

Pearson chi-square 2125.042a 8

.000

Likelihood ratio

1828.593

.000

N of valid cases

1237

8

a. 0 cells (0.0%) have expected count less than 5. The
minimum expected count is 7.55.

A Spearman's rank-order correlation was run to determine further the type and strength of
the relationship between bonding social capital and risk attitude (Table 4.44). There was a
strong, negative correlation between bonding social capital and risk attitude, which was
statistically significant (rs (1237) = -.882 p = <.001), meaning that as the value of bonding social
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capital increases, the value of risk attitude decreases. In other words, a greater level of bonding
social capital tends to be associated with a risk-averse or risk-paranoid attitude. Therefore, the
first research hypothesis was rejected that traditional undergraduate students with a high level of
bonding social capital are predicted as more risk addicted on the risk attitude spectrum.

Table 4.44
Spearman’s Correlation Bonding and Risk Attitude

Spearman's rho Risk attitude
spectrum

Bonding

Spectrum

Bonding

Correlation
coefficient

1.000

-.882**

Sig. (2-tailed)

.

.000

N

1237

1237

Correlation
coefficient

-.882**

1.000

Sig. (2-tailed)

.000

.

N

1237

1237

**. Correlation is significant at the 0.01 level (2-tailed).

Testing of Hypothesis Two
H2: Traditional undergraduate students with a high level of bridging social capital
are predicted as risk-neutral on the risk attitude spectrum.
The contingency table in Table 4.45 displays where respondents fell on the risk attitude
spectrum that had a low level (<37), medium level (38—50), and high level (>51) of bridging
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social capital. The majority of respondents with a high level of bridging fall into the risk-neutral
category (18.1%). The next category filled by high-level bridging was averse with 17.5%. For
the medium level of bridging social capital, most respondents were averse on the risk attitude
spectrum with 16.9%, followed by the next category being neutral with 13.6%. For the low level
of bonding social capital, six respondents fell into the averse and paranoid categories on the risk
attitude spectrum, together accounting for only 1% of the sample.

Table 4.45
Contingency Table Bridging and Risk Attitude

Bridging
level

Addicted Seeking

Neutral

Averse

Paranoid Total

1.7%

8.4%

18.1%

17.5%

7.6%

53.4%

Medium 2.0%

3.9%

13.6%

16.9%

9.3%

45.7%

0.5%

0.5%

1.0%

12.3%

17.4%

100.0%

High

Low
Total

3.7%

12.3%

31.7%

The relationship between bridging social capital and the risk attitude spectrum can be
further evaluated when looking at the cluster bar graph in Figure 4.2. Levels of low break down
this chart (<37), medium (38—50), and high (>55). Categories on the risk attitude spectrum are
broken down by color: addicted (blue), seeking (yellow), neutral (green), averse (red), and
paranoid (orange). The chart shows that respondents with a high level of bonding social capital
fell into the averse category, closely followed by the neutral category; respondents with a
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medium level of bridging social capital trended as averse; respondents with a low level of
bridging social capital were evenly split between the averse and paranoid categories (six versus
six).

Figure 4.2
Bridging and Risk Attitude Spectrum Bar Chart

A chi-square test of independence was utilized to test the statistical association between
bridging social capital (IV) and risk attitude (DV). This returned a test statistic value of 60.981,
according to Table 4.46. The corresponding p-value for the test statistic is p < 0.001. Since the
p-value is less than the chosen significance level of α = 0.05, the null hypothesis that bridging
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social capital has no impact on risk attitude can be rejected. Based on this chi-square test, there
was a significant association between bridging social capital and risk attitude (X2(8) = 60.981, p
< .001).

Table 4.46
Chi-Square Test-Bridging Social Capital and Risk Attitude

df

Asymptotic
significance
(2-sided)

Pearson chi-square 60.981a

8

.000

Likelihood ratio

60.934

8

.000

N of valid cases

1237

Value

a. 0 cells (0.0%) have expected count less than 5. The
minimum expected count is 7.59.

A Spearman's rank-order correlation was run to determine further the type and strength of
the relationship between bridging social capital and risk attitude (Table 4.47). There was a very
weak, positive correlation between bridging social capital and risk attitude, which was
statistically significant (rs (1237) = 0.128, p = <.001), meaning that as the value of bridging
social capital increases, so does the value of risk attitude. Hence, the second research hypothesis
was supported that traditional undergraduate students with a high level of bridging social capital
are predicted as risk-neutral on the risk attitude spectrum.
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Table 4.47
Spearman’s Correlation Bridging and Risk Attitude

Spearman's rho Risk attitude
spectrum

Bridging

Spectrum

Bridging

Correlation
coefficient

1.000

.128**

Sig. (2-tailed)

.

.000

N

1237

1231

Correlation
coefficient

.128**

1.000

Sig. (2-tailed)

.000

.

N

1231

1231

**. Correlation is significant at the 0.01 level (2-tailed).

Testing for Hypothesis 3
H3: Traditional undergraduate students with a high level of linking social capital
are predicted as more risk-averse on the risk attitude spectrum.
The frequency table in Table 4.48 displays where respondents fell on the risk attitude
spectrum that had a low level (<23), medium level (24—34), and high level (>35) of linking
social capital. The majority of respondents with a high level of linking fall into the risk-averse
category, constituting 15.5% of the sample. The next category filled by high-level linking was
neutral with 13.6%. For the medium level of linking social capital, most respondents were averse
on the risk attitude spectrum with 18.4%, followed by the next category being neutral with
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17.5%. Most respondents fell into the averse category on the risk attitude spectrum for the low
level of linking social capital, accounting for 1.1% of the sample.

Table 4.48
Contingency Table Linking and Risk Attitude
Addicted Seeking Neutral Averse Paranoid Total
Linking
level

Total

High

0.9%

4.9%

13.6%

15.5%

9.1%

43.9%

Medium 2.8%

6.8%

17.5%

18.4%

7.9%

53.4%

Low

0.6%

0.6%

1.1%

0.4%

2.7%

12.3%

31.7%

34.9%

17.4%

100.0%

3.7%

The relationship between linking social capital and the risk attitude spectrum can be
further evaluated when looking at the cluster bar graph in Figure 4.3. Levels of low break down
this chart (<23), medium (24—34), and high (>35). Categories on the risk attitude spectrum are
broken down by color: addicted (blue), seeking (yellow), neutral (green), averse (red), and
paranoid (orange). The chart shows that respondents with a high level of linking social capital
were clustered under the averse and neutral categories, and so did respondents with a medium
level of linking social capital. Respondents with a low level of linking social capital occupied all
risk attitude categories but the addicted.

98

Figure 4.3
Linking and Risk Attitude Spectrum Bar Chart

A chi-square test of independence was utilized to test the statistical association between
linking social capital (IV) and risk attitude (DV). This returned a test statistic value of 311.039,
according to Table 4.26. The corresponding p-value for the test statistic is p < 0.001. Since the
p-value is less than the chosen significance level of α = 0.05, the null hypothesis that linking
social capital has no impact on risk attitude can be rejected. Based on this chi-square test, there
was a significant association between linking social capital and risk attitude (X2(124) = 311.039,
p < .001).
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Table 4.49
Chi-Square Test-Linking Social Capital and Risk Attitude

Value

df

Asymptotic
significance
(2-sided)

Pearson chi-square 311.039a 124

.000

Likelihood ratio

321.422

.000

N of valid cases

1237

124

a. 86 cells (53.8%) have expected count less than 5. The
minimum expected count is .07.

A Spearman's rank-order correlation was run to determine further the relationship's type
and strength between linking social capital and risk attitude (Table 4.34). There was a very weak,
negative correlation between linking social capital and risk attitude, which was statistically
significant (rs (1237) = -0.094, p = <.001), meaning that as the value of linking social capital
increases, the value of risk attitude decreases. In other words, a greater level of linking social
capital tends to be associated with a risk-averse or risk-paranoid attitude. Hence, the third
research hypothesis supported that traditional undergraduate students with a high level of linking
social capital are predicted to be more risk-averse on the risk attitude spectrum.
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Table 4.50
Spearman’s Correlation Linking and Risk Attitude

Spearman's rho Risk attitude
spectrum

Linking

Spectrum

Linking

Correlation
coefficient

1.000

-.094**

Sig. (2-tailed)

.

.001

N

1237

1237

Correlation
coefficient

-.094**

1.000

Sig. (2-tailed)

.001

.

N

1237

1237

**. Correlation is significant at the 0.01 level (2-tailed).

4.5 Summary
The chapter contains the results of the analysis and connects the analysis back to the
research questions. 1,237 survey responses were included in the analysis of data. Survey
questions were structured to understand the participants’ social capital and viewpoints on
protective behavior associated with risk attitude. All participants were full-time students under
25 years of age and not employed full-time.
Data assessed in the study about risk attitude showed that overall, the respondents
returned a risk-neutral placement on the risk attitude spectrum. Within the survey, responses
showed that students are taking part in protective behavior. They reported that they either agree
or strongly agree that they have taken part in 7 protective behaviors. Males were found to have a
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more positive attitude toward risk than females. Transgender and nonbinary respondents had a
much lower risk attitude than males regarding their answers on the survey.
Regarding major areas of study, the students in engineering and technology were riskseeking, whereas visual and performing arts were considered risk-averse. Regarding social
capital, the respondents mostly fell into the medium level for the overall measurement of social
capital. This was also the case for linking social capital. For bonding and bridging social capital,
the majority of respondents fell into the high level. All identifications of gender were assessed a
medium level of overall social capital. For bonding social capital, all gender identifications, on
average, had a medium level of social capital aside from nonbinary individuals who were
assessed to be a high level. On average, male, and female respondents for bridging were at a high
level, while transgender individuals had a low level. As far as major areas of study regarding
overall social capital and bonding, two outliers from a medium scoring were visual and
performing arts, which averaged a high level, and engineering and technology, which averaged a
low level.
Regarding the relationship between social capital and risk attitude, there was no
predictive relationship between the variables; however, correlation and association existed
simultaneously between the variables. Bonding and risk attitudes have a strong, negative
correlation showing that a greater level of bonding social capital tended to be associated with a
risk-averse or risk-paranoid attitude. This analysis caused the first hypothesis not to be supported
by the data. Bridging and risk attitudes have a very weak, positive correlation showing that a
greater level of bridging social capital tends to be associated with risk-seeking or risk-addicted
attitude. The findings with this data caused the second hypothesis not to be supported. Finally,
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linking and risk attitudes have a very weak, negative correlation showing that a greater level of
linking social capital tends to be associated with a risk-averse or risk-paranoid attitude. This
allowed the third hypothesis to be supported.
Chapter 5 will further discuss these results and their implications for policy and practice and
consider the limitations of the study and future research.
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V- Discussion
Being knowledgeable about each subpopulation within the community allows emergency
managers to have more comprehensive planning capabilities for disaster management. Gathering
data about groups within the community assists with closing the gap needed for comprehensive
planning. With the current impact of COVID-19 on populations across the globe, it is vital to
understand how social groups within the higher education community interact. This study
researched the risk attitude of traditional undergraduate students about the COVID-19 pandemic
and how their social capital impacts this perspective.
This chapter will further discuss the results of the research completed through the
following sections: Section 5.1 Summary of Findings, Section 5.2 Discussion of Research
Questions, Section 5.3 Respondent Characteristic(s) Discussion, Section 5.4 Implications,
Section 5.5 Limitations, Section 5.6 Recommendations for Future Research, and Section 5.7
Summary.
5.1 Summary of Findings
To understand how social capital influences risk attitude, a simple survey with 1,237
valid responses was utilized. Survey participants were posed questions relating to social capital
and risk attitude. All study participants were between the ages of 17 and 25, enrolled full time,
and did not have other responsibilities such as either full-time employment or military
commitments.
The data analysis completed in this study showed that Hypotheses 1 and 2 were not
supported, while Hypothesis 3 was supported. A predictive relationship was not found between
the independent variables (bonding, bridging, and linking social capital) with the dependent
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variable (risk attitude); however, correlation and association existed simultaneously between the
variables. The correlation coefficient utilized during analysis gives a linear correlation, while the
association does not require linearity. Two of Spearman's correlations (bridging and linking)
were significant but weak, while the Chi-squared test did indicate an association. This showed
that there is an association between the variables, but it is not a linear correlation. This is also the
case for bonding social capital, which had a very strong correlation.
The assessment of risk attitude showed that most students were taking part in protective
behavior and made overall behavior changes in response to the COVID-19 pandemic based on
their responses. This was seen in the Likert-scale responses to various statements regarding
behavior. The respondents reported a strong agreement that they were cleaning more and
avoiding going out in public. They also reported an agreement in a change of behavior overall in
response to the pandemic event. The finding of those identifying as males having more of a
positive relationship with risk than other gender identities is similar to past research findings
(Byrnes et al., 1999; Falk et al., 2018; Franken et al., 2012; Lee & Blais, 2014; Rosen et al.,
2003; Shinan-Altman & Levkovich, 2020). Those identifying as transgender, and nonbinary
were found to have a much more negative attitude toward risk than the other gender identities.
This was not reported in the past literature but is interesting about the connotations associated
with gender identity.
Regarding the assessment of social capital, students overwhelmingly showed an overall
medium level of social capital. All gender identities were assessed a medium level of social
capital, on average. This was a very similar finding amongst other respondent characteristics and
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became a pattern for findings among the analysis. The exciting analysis for social capital was
found in the major areas, which showed that visual and performing arts were frequently an
outlier and had a high level of the different types of social capital. In contrast, engineering and
technology were the opposite, drawing a low level of social capital amongst the data.
The following section will discuss the research questions individually.
5.2 Discussion of Research Questions
Three research questions were established for this study. These questions are discussed
individually below.
RQ1: What is the risk attitude of traditional undergraduate respondents surveyed about
COVID-19 (addicted, seeking, tolerant, averse, paranoid)?
Utilizing the established scale to determine respondent placement on the risk attitude
spectrum for the study, the mean of the risk attitude of the respondents is 38.57, as shown in
Table 5.1. This puts the average respondents' risk attitude in the risk-neutral category.

Table 5.1
Mean, Median, Mode of Respondent Risk Attitude
N

Valid

1237

Missing 36
Mean

38.57

Median

38.00

Mode

29

Std. deviation

13.679
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The risk-neutral finding for the respondent population was somewhat of a surprise and
contradictory to past research finding that young people have a primarily positive relationship
with risk and usually fall into the seeking or addicted areas of the risk attitude spectrum (Sorce et
al., 2005; Weber et al., 2002; Zilker et al., 2020). Another reason that this finding was interesting
is because of the multitude of media stories discussing issues with college students behaving
recklessly and partying throughout the COVID-19 pandemic (Dobson, 2020; Harper, 2020;
Hubler & Hartocollis, 2020; Hutchinson, 2020; Metts, 2020; Mitropoulos, 2020; Setty, 2020),
which would have suggested a more positive placement on the risk attitude spectrum. This
finding suggests that the schools in the target population did not necessarily see the partying
issues suggested in the media reports due in part to the PASSHE mitigation procedures in place
that pushed classes online, leading a majority of the student population to live at home versus
being on campus for the 2020—2021 school year.
As shown in the data from Chapter 4, most respondents in the study were changing
behavior and taking part in protective behavior as a result of the COVID-19 pandemic. This
mostly fell within the actions of the utilization of cleaning products and avoiding going into
public places. While the average score of the data showed respondents falling into the riskneutral category on the spectrum, most respondents were assessed as being risk-averse. The
mode of the data was 29, which put most respondents in the low end of the risk-averse category
and moving toward risk paranoid. As discussed, the inclusion of gender within the data
breakdown shows an alignment with past studies (Byrnes et al., 1999; Falk et al., 2018; Franken
et al., 2012; Lee & Blais, 2014; Rosen et al., 2003; Shinan-Altman & Levkovich, 2020) showing
males to be more comfortable with risk (i.e., addicted or seeking), but the further breakdown of
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gender identities to include transgender and nonbinary opened up opportunities for further
understanding of the population. There were not many identifying as transgender (nine) or
nonbinary (17), but those within the survey were assessed to have a more negative attitude
toward risk. This is an exciting point of information. As gender identity continues to evolve, the
inclusion of this part of the population will need to be further understood in pandemics and other
disaster scenarios.
Further breakdown of risk attitude (Figure 5.1) showed that there was a relatively similar
viewpoint of those who were working part-time unemployed in terms of student employment.
Those who were unemployed were a bit more averse than those working part-time, but the
students who were active in an internship had a more significant percentage in the risk-seeking
category. Introducing these professional contacts through internships and part-time employment
can provide a different perspective and infusion of knowledge resources (or support), which has
been established to be a key benefit of social capital in past studies (Hawkins & Maurer, 2010;
Yamamura, 2016). These additional resources, which are not seen by those unemployed, may be
a factor with more students being pushed in the risk-seeking category and having a positive
attitude toward risk.
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Figure 5.1
Risk Attitude Across Student Employment-Pie Chart

The data in the study and the schools in the target area, in general, are not diverse when
speaking to race. Breaking down the data by race shows that an overwhelming majority of the
responses come from white individuals. This was not necessarily a surprise because the
overwhelming majority of the PASSHE-system is White. The limitations provided by this
shortcoming of diversity to the research are further discussed in Section 5.5. As shown in Figure
5.2, when the data is broken down by race, there is much similarity in where students fall on the
risk attitude spectrum. White students were primarily risk-averse, which was also the case for
Black students. The second and third categories for these two races were also similar, with
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neutral and paranoid, respectively, for each race. In terms of students who are Hispanic or Asian,
these two groups were primarily neutral, with averse being a commonality as the second
category.

Figure 5.2
Risk Attitude and Race- Bar Chart

There were many commonalities amongst the data in the study when it was broken per
respondent characteristics. As a whole, with the COVID-19 event, students were trending toward
the negative end of the risk attitude spectrum, which saw a majority to be either neutral, averse,
or paranoid. The data presented has aligned with the various areas presented in past literature,
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such as gender. However, it is essential to note the disagreement with past literature found in the
study, with study data showing students having a negative attitude toward risk. In past literature,
it has been shown that younger individuals tend to have a positive attitude toward risk (Sorce et
al., 2005; Weber et al., 2002; Zilker et al., 2020), so this is a disagreement. There are reasons the
data does not align with past literature, such as the politicization of COVID-19 and the mass
information pushed out regarding the effects. This is discussed in Section 5.6 to discuss future
research. For this study, though, students who participated primarily reported behavior aligns
with a negative attitude with risk and houses them in the averse category on the risk attitude
spectrum.
RQ2: What are the social capital characteristics for traditional undergraduate respondents
surveyed?
This study utilized a scale to measure the strength of social capital overall and the three
types of social capital. The average strength of social capital shown in Table 5.2 comprises the
overall strength of social capital and the three types (bonding, bridging, linking). The average
overall strength of respondent social capital is a medium level (n = 182.54) on the measurement
scale. The respondents' reported survey answers for overall social capital indicate a medium level
of overall social capital.
The average strength for each of the three types of social capital (bonding, bridging,
linking) was also measured. On average, bonding social capital (n = 51.4) had a medium level.
This measure is on the higher end of the medium level. Similarly, bridging (n = 44.29) had a
medium level of social capital. This was on the higher end of the medium level as well.
Alternatively, linking social capital (n = 29.09) had a medium level of measurement.
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Table 5.2
Mean of Respondent Social Capital Strength

N

Valid

Social capital strength

Bridging

Bonding strength Linking

1237

1237

1237

1237

36

36

36

Missing 36
Mean

182.54

44.29

51.40

29.09

Median

183.00

45.00

52.00

30.00

Mode

185

44

61

31

Std. deviation

22.795

6.791

13.668

5.688

Past research has established the importance and benefits of social capital (Coleman,
1990; Fukuyama, 1995; Lin, 1999; Paxton, 2002; Putnam, 1993; Welzel et al., 2005; Woolcock
& Narayan, 2000) to individuals in the community. However, past research has also established
the unique situation that traditional college students face when building social capital amongst
their peers in higher education (Zalaznick, 2020). There are many reasons for the social capital
of the respondents to be at a medium level. Perhaps one of the biggest reasons for this might be
that the survey participants had not been on their college campus for nearly a year, which could
have implications for the quality of their connections amongst their college campus. This
generation (Z) of college students has a different communication style and outlook on life,
impacting their connections while in college (Cioletti, 2018). A final potential reasoning for the
medium level of social capital within the respondent population may combine these two factors.
This is discussed further in the Limitations section of the chapter.
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There were many commonalities amongst the data for social capital. The medium range
for overall social capital was heavily populated by students who participated in the study.
Students' unique situation throughout the COVID-19 pandemic may have had a lot to do with
this due to the overall isolation imposed by social distancing and quarantining. An example of
this is shown by Figure 5.3, with the breakdown of overall social capital across gender, depicting
the trend of respondents toward medium-level social capital. Across the spectrum of gender, the
overall assessment shows a medium level of social capital present within the data. This was
consistent across respondent characteristics throughout the study.

Figure 5.3
Overall Social Capital Across Gender
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However, while this was the case for overall social capital, this trend did not hold for the
three types of social capital shown in Figure 5.4-5.6. While linking does see most students
having a medium level for this type of social capital, bonding and bridging do not. This is an
exciting point to postulate because of the differentiation between each of these variables. The
strength of bonding and bridging being higher are likely due to the nature of the relationships
involved, which would naturally lead individuals to have closer connections with those
relationships where bonding and bridging social capital stem from for the individual. The
resources and support given to the individual during the COVID-19 pandemic may have
impacted the students' risk attitude, further discussed with RQ3.

Figure 5.4
Bonding Social Capital Across Gender
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Figure 5.5
Bridging Social Capital Across Gender
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Figure 5.6
Linking Social Capital Across Gender

A similar trend is shown when looking at overall social capital versus the three types of
social capital amongst student employment (Figures 5.7—5.10). As shown in the charts below,
there is a difference in overall social capital and data gathered for the three types of social
capital. The more specific, targeted questions relating to each of the three types of social capital
could be how these differences are derived. The more general questions relating to diversity on
campus, drugs/drinking/vandalism, etc., returned mixed results, and answers may have been
dependent on the university as a whole. In contrast, the more targeted questions relating to the
three levels collected more individualized answers or information. Amongst student
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employment, an overwhelming majority of students have a high level of the three types of social
capital. This was a trend in the data.

Figure 5.7
Overall Social Capital Across Student Employment
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Figure 5.8
Bonding Social Capital Across Student Employment

Figure 5.9
Bridging Social Capital Across Student Employment
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Figure 5.10
Linking Social Capital Across Student Employment

For this study, the hypotheses focused on the three types of social capital versus overall
social capital. There was a major difference between the data for overall social capital and the
three types of social capital. Looking at each type of social capital, many students have a high
level of bonding and bridging, while linking is a majority of medium. The level of social capital
for bonding and bridging amongst students remained high despite the pandemic circumstances
that brought distance amongst relationships. The change of primary communication methods
seen in Generation Z (Cioletti, 2018) may have assisted with the continuation of these
relationships and their ability to contribute to the social capital of the students participating in the
study.
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RQ3: What influence does social capital have on the risk attitude of traditional
undergraduate respondents regarding COVID-19?
The study utilized scales to measure strength of student social capital and identify where
students fell on the risk attitude spectrum about the COVID-19 pandemic event. The results of
this were analyzed and reported in Chapter 4, which showed a relationship between the variables.
Beginning with bonding social capital, the frequency distribution of students showed that
those being assessed as having a high level of bonding were also falling into averse and paranoid
on the risk attitude spectrum (Figure 5.11). Through testing, a strong, negative correlation was
found between the variables and an association between the two. This was contradictory to the
first hypothesis, which postulated a more positive attitude toward risk for those with a high level
of bonding social capital. Therefore, those with a high level of bonding were more of a negative
attitude associated with the COVID-19 pandemic event.
Figure 5.11
Bonding Levels and Risk Attitude Spectrum-Bar Chart
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Pertaining to bridging social capital, again, there was an association found between the
two variables. This was a very weak, positive correlation between the variables. While high-level
bridging still saw many students falling into averse, the majority of students with high-level
bridging fell into the neutral category on the risk attitude spectrum (Figure 5.12). There is a weak
positive correlation that was significant while also having an association between the variables. It
is essential to include that while there is an association, it is not linear between the variables.
This data was supportive of the hypothesis, which postulated that those with high-level bridging
would be more neutral in their attitude. It would suffice to say that those with high-level bridging
have a more positive attitude toward risk than those with high bonding.

Figure 5.12
Bridging Levels and Risk Attitude Spectrum- Bar Chart
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Finally, regarding linking social capital, similar to bonding and bridging, the data showed
that correlation and association occur simultaneously between the variables. The tests show a
strong, negative correlation between the variables; when verified with the frequency distribution,
those with high-level linking were primarily averse (Figure 5.13). This data was supportive of
the third hypothesis, which postulated that those with high-level linking would be averse. The
data showed an association between the variables, but it is not a linear correlation similar to the
other results. As a result, this data showed that those with high-level linking were more averse on
the risk attitude spectrum.

Figure 5.13
Linking Levels and Risk Attitude Spectrum- Bar Chart
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Overall, as shown in the data, two hypotheses were supported, showing that those with a
high level of linking social capital resulted in a more risk-averse attitude, and those with a high
level of bridging were more risk-neutral. Data did not support the first hypothesis, though,
because those with a high level of bonding resulted in being more risk-averse. Overall, the
students that took part in the study had higher levels for each type of social capital and were
primarily neutral or averse on the risk attitude spectrum.
5.3 Respondent Characteristic(s) Discussion
The questions included in the survey about demographics were intended to glean
additional information about the respondents and their risk attitudes. This information has been
analyzed for comparison to look at how these factors potentially influence the individual's risk
attitude. As discussed in Chapter 2, demographics and characteristics have an established
influence on the risk attitude of the individual (Aren & Hamamci, 2020; Falk et al., 2018; Slovic,
1964). These respondent characteristics are discussed individually throughout this section.
Gender
The influence of gender has been studied in past research and has found that those
identifying as males tend to be more comfortable with risk than those identifying as females
(Byrnes et al., 1999; Falk et al., 2018; Franken et al., 2012; Lee & Blais, 2014; Rosen et al.,
2003; Shinan-Altman & Levkovich, 2020). The data from this study did not follow this trend
because results showed that women and men had a similar trend on the risk attitude spectrum, as
shown in Figure 5.14. Previous research showed that men trended more into the addicted or
seeking categories on the risk attitude spectrum (Falk et al., 2018; Rosen et al., 2003); however,
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study data found that the addicted category saw the lowest count of male respondents. Most
males fell into risk-neutral followed by risk-averse.
A few potential reasons for this could be explored in future research, such as the newness
and unknowns of the COVID-19 pandemic or the infodemic associated with the event.

Figure 5.14
Gender and Risk Attitude Spectrum

The study included an expanded question about gender to include nonbinary and
transgender survey selections. While there were not many respondents from these categories, as
shown in Table 5.3, the respondents from the survey had a negative relationship with risk. This

124

relationship with risk could be aligned contextually with the connotations associated with gender
identity and would be an interesting future research study.

Table 5.3
Nonbinary/Transgender and Risk Attitude Spectrum
Transgender Nonbinary
Valid Averse

2

6

Neutral

3

0

Paranoid 4

11

Total

17

9

The influence of race on risk attitude has been studied in past literature. Race has been
established to work as a co-influencer when paired with another demographic variable (Rosen et
al., 2003; Sorce et al., 2005; Weber, 2009; Zilker et al., 2020). The students participating in this
study were predominantly white, which did not significantly impact this factor into the study. On
average, the respondents disagreed/strongly disagreed with the statement, "My college campus is
a place where people from different backgrounds get along well together," which aligns with the
lack of diversity from those in the study.
The study did not see a diverse response from the target population, which is further
discussed in the Limitations section of this chapter. This can be shown by the table breakdown in
Table 5.5 showing White (92.8%), Black (3%), American Indian or Alaska Native (.2%),
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Hispanic (1.1%), Asian (1.6%), and Native Hawaiian or Pacific Islander (.7%). This category
aligned with the PASSHE Census (2019), which showed that the enrollment systemwide is
predominantly White.
An interesting finding is that while white and Black students were primarily risk-averse,
Hispanic and Asian students were risk-neutral.

Figure 5.15
Race and Risk Attitude Spectrum
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Table 5.5
Respondent Characteristic Percentages- Race

Frequency Percent

Valid
percent

Cumulative
percent

White

1142

92.8

93.5

93.5

Black or African
American

37

3.0

3.0

96.5

American Indian or
Alaska Native

2

.2

.2

96.6

Hispanic

13

1.1

1.1

97.7

Asian

20

1.6

1.6

99.3

Native Hawaiian or
Pacific Islander

8

.6

.7

100.0

Total

1222

99.3

100.0

Missing System

9

.7

Total

1231

100.0

Valid

Academic Majors
Similar to the overall findings of respondents being risk-averse, the majors trended
toward the negative side of the risk attitude spectrum, as shown in Figure 5.4. Out of the 15
majors surveyed, the engineering and technology (n = 15) grouping was the only one that was
not a majority as risk-averse or risk-neutral. The engineering and technology respondents
showed a majority being risk addicted which was different from the other majors.
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Past research does not account for academic majors, but education level has been
established as an influencer of risk attitude. Findings show that lower education levels are
significant predictors of risk aversion (Rosen et al., 2003). Traditionally members of the
engineering and technology field are more technically minded, contributing to their positive
attitude relating to risk. An interesting point to the social capital data about student majors was
found in bonding (Figure 5.17). While there was consistent data shown for linking and bridging
social capital, about bonding social capital, most students had a low level of bonding, which was
contrary to what was shown for other major areas of study for students participating in the
survey. No other major showed this trend. This could also be accounted for by the type of
individual commonly in this major relating to friendships made versus loner status.
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Figure 5.16
Major Area of Study and Risk Attitude Spectrum
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Figure 5.17
Major Area of Study and Bonding Social Capital

Employment Status
The respondents' employment status showed similar trends with other demographic
variables discussed in the chapter, as shown in Figure 5.18, showing the majority of respondents
as risk-averse on the spectrum. This was a common trend with the overall data, with most
respondents trending as averse or neutral in the data. Respondent categories of working part-time
and not employed both showed a trend of 1) Averse, 2) Neutral, 3) Paranoid, 4) Seeking, and 5)
Addicted. The category for internship was slightly different, with seeking being of a higher level
than paranoid.
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Past studies have not considered respondents' employment status when evaluating the risk
attitude of traditional undergraduates; however, this aspect of the study is quite interesting
because of the expansion to the individual social network that it provides. Working at a part-time
job or internship opens up a student's perspective to new individuals they would not have
previously known, which provides them with an additional realm of people to provide the
information and resources about risk events that they may have otherwise missed.

Figure 5.18
Employment and Risk Attitude Spectrum- Bar Chart
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Section 5.4 Implications
A majority of the implications from the study will fall into the practice of emergency
management. These implications are discussed individually below.
Implications for Practice
Planning for disasters and pandemics requires an understanding of the community about
behavior and decision-making. The communities that house and serve members of the higher
education community are in a unique position to create disaster preparedness programs for those
living within the community permanently (i.e., townies) and the temporary residents (i.e., college
students). This provides an interesting dynamic. While traditional residents have been studied
extensively in various facets of emergency management, the understanding of new generations
and the niche perspective that college students bring has not been well developed through
emergency management research. This study provides a baseline of understanding to the practice
of emergency management for communities serving members of the higher education
community and, to that end, college students. Further research into college students' risk attitude,
perspective, and decision-making process is imperative for the emergency management
community, which is discussed further in opportunities for future research.
An additional implication for practice lies in the creation of risk communication products.
Tailoring risk communication products to the audience that is within the community allow there
to be a better reception of the message. A better understanding of community networks, such as
where students find comfort in seeking support or where their trust lies, provides essential
information to the process of communication regarding the event at hand and in the preparedness
phase of the disaster cycle.
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5.5 Limitations
There were several limitations with this research study. To begin with, while the survey
had an appropriate (and surprisingly large) sample size, there are still many individuals who
were not active in the survey. The total undergraduate enrollment at the five universities included
in the target population is 25,884. This is a large number of individuals not considered with the
research study. The small sample compared to the overall enrollment is a limitation to the study.
This limitation could affect the data collected, including the possibility that many individuals are
comfortable with risk enrolled at the universities, and they did not take the survey.
The PASSHE universities that were included in the study are five small-to-medium,
public universities in western Pennsylvania. The respondents in this survey may not reflect the
entire state of Pennsylvania or the more significant population of the United States. Conducting
the study on a larger scale would provide a larger picture of the risk attitude of this demographic
of individuals. Regardless, the data in this research study may not reflect this demographic
overall on a larger scale to include those living in major cities, diverse populations, and different
geographically based cultures within the United States.
An additional limitation from this study is that the research did not include an opportunity
to learn the risk attitude of the network that participants were influenced by on COVID-19. The
risk attitude of the individual's social network would naturally influence their risk attitude. This
information would provide value to the further understanding of the influence of social capital
and networks on the individual risk attitude. This is further discussed in the Future Research
discussion of this chapter.
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The lack of diversity with the study participants is a limitation to the study. While
PASSHE overall is not a diverse system, the lack of participation from non-White students
prohibits the study from having a full range of data about the student enrollment. The recruitment
methods imposed by the PASSHE schools in the target area for the study provide a very openended method to gathering participants, so seeking a solution for better recruitment methods for
research studies would be of benefit to future research.
A final limitation to the study is that it was conducted during a pandemic, which was a
major disturbance in students' livelihoods, including their social network and connection to those
with whom they have relationships within their lives. This may have been a reason why there
was not a higher level of the three types of social capital and could have brought a different lens
into the survey responses by the students. Conducting this study when students live on campus
during normalcy may provide a whole other set of data. However, this is not reality, so the
unique circumstances associated with the COVID-19 pandemic event are a notable characteristic
of the study.
5.6 Recommendations for Future Research
There are several limitations to the study, as discussed in Section 5.5. These present
opportunities for future research to further understand the risk attitude of traditional
undergraduate students and the influence of social networks on the variable. The most significant
opportunity for future research is conducting further studies that focus on this pocket of the
community to understand further college students' decision-making and behavior in terms of
disaster events like the COVID-19 pandemic. There has been a lack of focus on traditional
undergraduate students in disaster research, which allows them to study their risk attitude and
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perspective relating to disaster events. Other significant opportunities for future research lie in
expanding the target population and introducing new communities to diversify the study to better
understand the influencers of risk attitudes.
While there has been much disagreement on the influence of culture (Helander & Khalid,
2016; Castro et al., 2019) on risk attitude, the subcultures present within the United States
present an exciting prospect for expanding this research. Including a larger swath of the United
States within the target population and expanding the communities included in the survey would
better understand this college student population within communities. Expanding the participants
would allow the inclusion of major cities, northern and southern cities, and coastal communities,
which would capture a better understanding of the risk attitude of traditional undergraduate
students.
An additional recommendation for future research is to diversify the types of colleges
surveyed within the research. The five universities surveyed in the current study were all public
universities. Including different types of universities such as private, technical, or historically
Black colleges or universities (HBCUs) could potentially provide a different perspective on risk
attitude for traditional undergraduate students. This could affect the risk attitude and the social
capital perspectives of those involved in future studies.
Additionally, as discussed in the Limitations section, the social capital and level
associated with student participants may have hinged on the literal distance between themselves
and their network. This abrupt lifestyle change may have affected their relationships and
connection to their social network. Reassessing the social capital on college campuses during
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times of normalcy and cross-studying topics relevant to emergency management, such as risk
attitude or perspective, would be very beneficial to practice and policy.
Conducting further research on risk attitude and undergraduate students, as a whole, is
recommended prior to concluding policy implications. As discussed in the Implications section, a
majority of the findings and data for this study will be most relevant to the practice of emergency
management. Having a more defined understanding of the risk attitude of traditional
undergraduates would provide a better contribution to the area of policy in emergency
management. Further identifying influencers of risk attitude and decision-making for this pocket
of the community will enable emergency management practitioners serving those in higher
education to create dynamic programs relating to resiliency.
5.7 Summary
This study has been conducted to understand the influence of the three types of social
capital on the risk attitude of traditional undergraduate students at five universities in
Pennsylvania. The study found that there is a relationship between the three types of social
capital. While there is no predictive relationship, the three types of social capital have a
nonlinear association and correlation with the risk attitude spectrum. The population included in
the study was found to have a negative attitude toward risk, which was not an anticipated piece
of data but provides a further look into this pocket of the community.
This study was intended to be an exploratory look at a variable in decision-making that
has not been studied much in emergency management and an opportunity to understand further a
segment of the population that does not get an extensive focus. The data presented within the
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research provided an interesting perspective into this segment of the community that can
contribute to emergency management planning and risk communication products.
Throughout the COVID-19 pandemic, the public has been presented with differing
opinions, an inundation of education and information, and an everchanging presentation of
information from governing bodies within the United States and around the globe. This continual
cycle of development with the COVID-19 pandemic has allowed many differing opinions
concerning mitigation and response. The trends in the data collected by this study were
somewhat surprising because of the overall connotation associated with rural areas and COVID19 mitigation, which has been discussed in the media throughout the pandemic. Additionally, the
placement of young people on the negative side of the risk attitude spectrum was an unexpected
finding. However, the unknowns and risks presented by the COVID-19 pandemic provide many
factors to the individual when making decisions about their day-to-day life.
The findings in the data were exciting because of the strong trend toward discomfort with
the risk presented by respondents, which was not anticipated at the beginning of the study.
Engaging with future research and incorporating the recommendations provided in this chapter
would provide a more comprehensive look into this population segment. Understanding all parts
of the population present within the community is especially imperative for emergency managers
of these communities, whether they represent local governments or higher education.
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Appendix A Student Recruitment Email

Subject: COVID-19 Survey With Sheetz Raffle
You are invited to take an anonymous survey. This is 100% voluntary and is studying the
influence that social relationships have on your attitude toward risk.
Five winners will be chosen from the raffle, and each winner will receive a $25 Sheetz gift
cards.
After you finish, you will be able to enter the raffle with your email address. Your email address
will be kept confidential, and the only purpose for collecting it is to notify the winners of the
raffle.
Survey Title: The Influence of Social Capital on Risk Attitude Toward COVID-19 Amongst
Traditional Undergraduates
Survey Link: https://sru.co1.qualtrics.com/jfe/form/SV_6mRiYograVJRhrM
If you have any questions about this survey, you can reply directly to this email.
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Appendix B Informed Consent and Survey Instrument
The Influence of Social Capital on Risk Attitude Towards COVID-19 Amongst Traditional
Undergraduate
Thanks for taking time to participate in this study!
This study will help to understand how social capital influences individuals’ attitude
towards scenarios of uncertainty. Social capital is the different networks of relationships among
people who live and work in society that enable society to function effectively.
The survey will take you around 7-10 minutes. Your participation is 100% voluntary. To
leave the survey, just exit out of the browser.
Once you are done, you will have the opportunity to enter your email address to be entered into a
drawing to win one of five $25 Sheetz gift cards for your participation. However, your email will
not be used in the study and will be kept separate from the survey data. If you do not feel
comfortable providing your email address, you do not have to include it.
By clicking the button below, you acknowledge:


Your participation in the study is voluntary.



You are between the age of 18-25.



You are a full-time undergraduate student.



You are not an active military member.



You are not employed full time.

164

o I consent, begin the study
o I do not consent, I do not wish to participate
Part I- Social Capital: The networks of relationships among people who live and work in a
particular society, enabling that society to function effectively

To what extent do you agree with the following statement:
My college campus is a place where people from different backgrounds get along well together

o Strongly agree
o Agree
o Neither agree nor disagree
o Disagree
o Strongly disagree
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For each of the following, select how much of a problem each is within your college campus
Not at all
Drinking or
Partying
Littering
Vandalism or
Graffiti
Drug Use
People being
attacked or
harassed because
of their skin
color, ethnic
origin, sexual
orientation, or
religion

Minor

Moderate

Serious

o
o
o
o

o
o
o
o

o
o
o
o

o
o
o
o

o

o

o

o
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How often do you do the following?
Never

Rarely

Interact with
family/relatives
on social media

o

o

Speak to
family/relatives
on the phone

o

Text or e-mail
family/relatives

Sometimes

Often

Always

o

o

o

o

o

o

o

o

o

o

o

o

Interact with
friends on
social media

o

o

o

o

o

Speak to
friends on the
phone

o

o

o

o

o

Text or email
friends

o

o

o

o

o

Interact with
faculty or
university on
social media

o

o

o

o

o

Speak to
faculty
members or
other
representatives
from your
university

o

o

o

o

o

Email faculty
members or
other
representatives
from your
university

o

o

o

o

o
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Did you vote in the 2020 Presidential Election?

o Yes
o No
o Unqualified Voter
Did you respond to the 2020 Census survey?

o Yes
o No
o No invitation received
What following action have you taken either in-person or virtually in the past 12 months? Check
all that apply.
Contacted a local radio station, television station, or newspaper
Interacted with an elected official on social media
Attended a public meeting
Attended a protest
Helped to organize a petition
Interacted with a public agency on social media (i.e., PA Department of Health)
Volunteered (regular/virtual)
Made a donation (e.g., participation in a food drive, donating PPE)
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None of the above
What following activity have you taken part in either in-person or virtually during the last 12
months? Check all that apply.
Taking part in a student or community organization
Holding a leadership position of a group on campus or in the community
Organizing or running an event
Mentoring or tutoring people
Giving advice or information
Campaigning
Participating with a religious group
None of the above
In general, do you feel that people can be trusted?

o Yes
o No
o I don't know
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In general, do you feel that organizations can be trusted?

o Yes
o No
o I don't know
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For the following, select how much you trust them
Extremely

Very

Somewhat

Slightly

Not at all

World Health
Organization
(WHO)

o

o

o

o

o

Federal Drug
Administration
(FDA)

o

o

o

o

o

Center for
Disease
Control (CDC)

o

o

o

o

o

o
o
o

o
o
o

o
o
o

o
o
o

o
o
o

o

o

o

o

o

o
o
o
o
o

o
o
o
o
o

o
o
o
o
o

o
o
o
o
o

o
o
o
o
o

o

o

o

o

o

Courts
Federal
Government
State
Government
PA
Department of
Health
Local
Government
Law
Enforcement
Fire
Department
University
Administration
Department
Faculty
University
Academic
Advisor
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For the following, how comfortable would you feel turning to them for support in a time of need
Extremely

Very

Somewhat

Slightly

Not at all

o
o
o
o
o
o

o
o
o
o
o
o

o
o
o
o
o
o

o
o
o
o
o
o

o
o
o
o
o
o

Your
Academic
Advisor

o

o

o

o

o

University
Counseling
Center

o

o

o

o

o

Other
University
Staff

o

o

o

o

o

Parents
Siblings
Other
relatives
Significant
Other
Friend
Classmate

Part II- Risk Attitude: The natural inclination to take risks or not to take risks
For the following section, please select your level of agreeance with the statement.
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Strongly
Agree

Neither
Disagree or
Agree

Agree

Disagree

Strongly
Disagree

I have chosen
not to travel or
vacation
(domestic or
international)

o

o

o

o

o

I have avoided
eating dine-in at
restaurants or
food courts.

o

o

o

o

o

I have avoided
social
gatherings.

o

o

o

o

o

I have worn a
mask during the
COVID-19
pandemic.

o

o

o

o

o

I have used
household
disinfectants
during the
COVID-19
pandemic more
than I normally
would.

o

o

o

o

o

I have avoided
touching
structures like
door handles and
staircase railings
at public places.

o

o

o

o

o

I have selfisolated myself
at home, as
needed.

o

o

o

o

o
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I have changed
my lifestyle
because of the
COVID-19
pandemic

o

o

o

o

o

I have frequently
washed/sanitized
my hands with
soap and water

o

o

o

o

o

I avoid going
into public
places

o

o

o

o

o

I believe that if
the number of
COVID-19
cases increases,
authorities
should be ready
to lock down
and quarantine
the city

o

o

o

o

o

I believe that
COVID-19 is a
serious disease

o

o

o

o

o

Authorities
should restrict
access to
religious sites,
shrines, and
mosques if the
number of
COVID-19
cases increases.

o

o

o

o

o
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In the event of
an increase in
the number of
cases of
COVID-19,
authorities
should be ready
to close
educational
centers
(kindergartens,
schools, and
universities).

o

o

o

o

o

If a vaccine for
COVID-19 is
available to me,
I will get it

o

o

o

o

o

Part III- Demographics: Identifying characteristics of human populations
What is your gender?

o Male
o Female
o Transgender
o Non-binary
o Prefer not to answer
How old are you?
________________________________________________________________
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What are your living arrangements at the university?

o On-Campus Dormitory
o Off-Campus Housing
o Commuter
o Other
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What is your major area of study?

o Athletics/Exercise Science
o Business/Economics
o Communications
o Computers
o Education
o Human Services
o Healthcare
o Languages
o Law and Justice
o Liberal Arts
o Mathematics
o Sciences
o Engineering/Technology
o Visual & Performing Arts
o Other
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How would you describe your hometown?

o Rural
o Urban
o Suburban
What is your ethnicity?

o White
o Black or African American
o American Indian or Alaska Native
o Hispanic
o Asian
o Native Hawaiian or Pacific Islander
o Other
What is your employment status?

o Part Time
o Internship
o Not Employed
What is your email address for the raffle?
________________________________________________________________
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